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Abstract  
This paper addresses an NP-complete problem of designing a network topology (NT) with the maximum 2-
terminal reliability (R) subject to a cost constraint (C). More specifically, given the locations of the various 
computer centers (nodes), their connecting links, each link’s reliability and cost, and the maximum budget cost to 
install the links, the NT design problem, called NTD-RC, aims to find an NT that has the maximum reliability with 
cost within the budget. Since cost is a major issue in NT design, NTD-RC is applicable for critical applications 
requiring maximized reliability. This paper formulates a dynamic programming (DP) scheme to help solve NTD-
RC. A DP approach, called Algo-DP, finds the set of links to be deleted from the original network to obtain an 
optimal NT. The paper proposes five-link ordering criteria to improve the performance of Algo-DP. Simulation 
results on different benchmark networks of various sizes are used to compare Algo-DP with existing techniques in 
the literature and show the merits of using the sorting methods, and the effectiveness of our algorithm. We found 
that Algo-DP generates NT with the same or better 2-terminal reliability measure (with up to 4.3% improvement) 
on 92% of the network topologies. Results indicate Algo-DP demonstrated better performance than other existing 
algorithm. Furthermore, Algo-DP shows that it is computationally more efficient compared to the recent existing 
approach.  
Keywords: dynamic programming, network optimization, network reliability, network topology design 
1. Introduction 
Communication networks (CN) are complex, sophisticated, automated and computerized. Once a hardware model 
and technology of a network has been developed, a network designer is challenged with the problem of designing 
a network that satisfies the performance requirements, e.g., reliability, anticipated by the customer over the 
intended period of the network’s use (Konak & Smith, 1999). The design of network topology (NT) is an important 
part of network design (Bhupesh, et. al, 2008), since NT is directly associated with network deployment cost and 
its reliability (Reichelt & Rothlauf, 2005). Consequently, network topology design (NTD) has received 
considerable attention.  
In practical networks, we treated the network topology design (NTD) problem as a single-objective optimization 
problem, if the design process and consideration of only one objective and one condition (Saad, et. al, 2018). 
A well-designed Communication Network is inseparable from the effective running of user applications. For 
critical applications (e.g., emergency system, rescue and military operations) it is important that CN topology is 
as reliable as possible since in practice network components, e.g., links, are failure-prone (Elshqeirat, et. al, 2014). 
A more reliable topology will make the CN operate effectively and without interruption, even in the presence of 
the component failures (Gen, 2006). The NTD should include finding the best layout of network components. This 
layout considers network deployment cost and user performance criteria, such as reliability. However, constructing 
a reliable topology incurs higher installation cost. For a set of various centers (nodes), their possible connecting 
links, link failure rate and installation cost, a network topology designer must carefully select the most suitable set 
of links such that the resulting model meets its cost objective and/or required reliability. This paper considers the 
(s, t) terminal reliability (Won & Karray, 2010), also called 2-terminal reliability, as the measure of reliability (R), 
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which gives the probability that there is at least one operational path between two nodes, i.e., the source node s 
and the terminal node t. Some applications require a network with a guaranteed minimum reliability in order to 
properly operate. For such applications, the topology design emphasizes on minimizing the network installation 
cost subject to the required reliability level. The NTD problem that minimizes the cost (C) subject to required 
reliability is referred to as NTD-CR. In practice, however, the network service provider has a budget limit to build 
the topology. Thus, the design must emphasize on constructing the topology within the cost constraint while 
maximizing its reliability; we call this problem as NTD-RC. Here, the aim is to produce a network topology with 
the maximum reliability subject to the cost constraint to install the selected links. Both these problems are NP-
hard (Abo ElFotoh & Al-Sumait, 2001). Obviously, one must use heuristic and/or approximation solutions to 
design large sized topologies.  
While there are many solutions for NTD-CR problem, e.g., (Abo ElFotoh & Al-Sumait, 2001; Gen, 2006; Konak 
& Smith, 2005; Atiqullah & Rao, 1993; Papagianni, et. al, 2008; Khan & Engelbrecht, 2008; Chelouah & Siarray, 
2000; Mutawa, et. al, 2009; Elshqeirat, et. al, 2015; Elshqeirat, et. al, August 2013; Elshqeirat, et. al, December 
2013), we found only a few papers, e.g., (Elshqeirat, et. al, July 2013; Elshqeirat, et. al, 2014; Altiparmak & 
Dengiz , 2009; Zakir & Abd-El-Barr, 2002), that address the equally important NTD-RC problem (refer to Section 
2.2). We noticed that approaches that are good to solve NTD-CR, e.g., (Gen, 2006), (Atiqullah & Rao, 1993; 
Chelouah & Siarray, 2000), fail to effectively solve the related NTD-RC. They either become computationally 
expensive or lack the necessary precision to generate an acceptable solution (Elshqeirat, et. al, 2015). In this paper, 
we provide a heuristic that helps effectively solve NTD-RC problem.  
The main contribution of this paper is two folds:  

(a) First, it proposes a dynamic programming (DP) formulation and its implementation, called Algo-DP, to solve 
the NTD-RC problem by deleting links from the original network. Authors in (Elshqeirat, et. al, July 2013) have 
also used DP approaches. However, their technique potentially require generating all (s, t) simple paths to solve 
the problem (refer to Section 2.2). Note that, an arbitrary network that contains a set of V nodes and a set of E 

links has O(2
|E|-|V|+2 

) (s, t) simple paths (Elshqeirat, et. al, July 2013). In contrast, our DP approach deletes 
sequentially only up to |E| links to solve the problem, and thus significantly reduces the time complexity.  
(b) Second, this paper proposes five link-ordering criteria, i.e., LO1, LO2, LO3, LO4 and LO5, discussed in 
Section 4.3. More specifically, Algo-DP uses each ordering criterion to determine the order of link deletions from 
the original topology to optimize the generated NT. Our simulations on 25 networks with various sizes with up to 
200 nodes, 298 links and 299 (s, t) paths, reported in Section 5, show the benefits of our method as compared to an 
existing approach in (Elshqeirat, et. al, July 2013). Specifically, Algo-DP generates NT with the same or better 2-
terminal reliability (with up to 4.3% improvement) on all but only two (with about 1.4% worse reliability) of the 
25 network topologies. 
The layout of this paper is as follows. Section 2 discusses the network model and surveys related problems. Section 
3 formulates the NTD-RC problem and provides assumptions. Section 4 describes the proposed solutions. Section 
5 presents the simulation results. Finally, Section 6 concludes the paper and discusses the future work. 
2. Network Model and Notations 

 
Figure 1. 6-node, 8-link Example Network 
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A communication network can be modeled by a probabilistic bidirectional simple graph G=(V, E), in which each 
vertex/node vi∈V represents a network component and each edge ej∈E represents the connecting media (e.g., cable, 
communication link) between the network components. Let m be the total number of links in G, i.e., m=|E|. It is 
assumed that all node locations and connecting links are given. Each ej has a cost cj>0 that represents the cost to 
install ej, and a reliability 0≤rj≤1 that represents the probability that ej is functioning (UP); all nodes are always UP 
and use no setup costs. Edge failures are assumed statistically independent and without repair. Fig. 1 shows an 
example of the graph model of a network topology with six fixedly positioned nodes and eight links; Table 1 
provides the cj and rj values for each edge ej. 
 
Table 1. Link Weight for Network in Fig. 1 

Link 
ej 

Link Weight 
cj rj 

a 2 0.9 
b 5 0.7 
c 3 0.8 
d 6 0.6 
e 4 0.9 
f 3 0.8 
g 4 0.7 
h 3 0.8 

 
The cost of a network topology G, Cost(G), is calculated by taking the sum of all cj for each ej in G. We define 
Rel(G) as the probability that there exists at least one operational path between source node s and terminal node t. 
Calculating Rel(G) in general is an NP-hard problem (Yeh, et. al, 1994). As described in Section 4.1, we use the 
Monte Carlo Simulation in (Yeh, et. al, 1994) to approximately compute Rel(G).  
2.1 Network Topology Design Problem 
Let Yj be a decision variable {0, 1} that indicates if link ej in G= (V, E) is selected (Yj=1) or ej is not selected (Yj=0). 
The following two equations describe the NTD-RC problem: 

Maximize Rel(Gf=(V, Ef))                             (1) 

Subject to                            (2) 

Let us define a network topology G feasible when Cost(G) ≤ Cmax. Equation (1) maximizes the 2-terminal reliability 
of each feasible network topology Gf that contains edges Ef=E – {ej | Yj=0} such that its Cost(Gf) is no larger than 
a given cost constraint Cmax, shown in Eq. (2). Thus, Ef is a set of selected links in Eq. (2) that form Gf. 

 
Figure 2. Optimal Solution for Network in Fig. 1 

 
To illustrate the NTD-RC problem, consider the network in Fig. 1. For Cmax=18, Fig. 2 shows the optimal topology, 
Gopt, with Rel(Gopt)=0.659 and Cost(Gopt)=17; we delete links d, f and g from the original network G to obtain Gopt. 
Notice that Cost(G)=30, and therefore if we set Cmax≥30, Eq. (2) would have Yj=1 for each ej, and (2) considers all 

max
j

jj CYc ≤
=

|E|

1
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links in G. Thus, for this case, Eq. (1) and (2) produce Gopt=G with reliability 0.842 without deleting any link. 
One possible way to solve NTD-RC problem is by generating each possible set of links in Eq. (2) that form Gf. 
Then, for each set that has a cost of at most Cmax, calculate its Rel(Gf) and use Eq. (1) to select any Gf with the 
maximum reliability as the Gopt. Unfortunately, this brute force solution requires generating O(2|E|) possible link 
selections. Further, the reliability calculation in Eq. (1) for each Gf requires exponential time. Therefore, this brute 
force solution is feasible only for designing small sized NT. Our work in this paper proposes a heuristic algorithm, 
described in Section 3.1, that generates Ef, and thus Gf, by selectively removing links in E while satisfying Eq. (1) 
and (2).  
2.2 Related Works 
The authors in (Elshqeirat, et. al, 2014; Zakir & Abd-El-Barr, 2002). proposed enumerative-based algorithms to 
solve the NTD-RC problem. (Zakir & Abd-El-Barr, 2002) solve the NTD-RC problem to produce the topology 
with as many disjoint spanning trees as possible for maximizing all-terminal reliability, which gives the probability 
that at least one spanning tree in generated network topology G is functional. Consequently, their solution (Zakir 
& Abd-El-Barr, 2002) produces topology that has higher reliability but with a higher cost. However, the solution 
(Zakir & Abd-El-Barr, 2002)  require generating all disjoint spanning trees of the network, and thus are not 
feasible for designing networks with a large number of disjoint spanning trees (Elshqeirat, 2015) .  
(Shao, et. al, 2005) proposed a heuristic approach, called shrinking and searching algorithm (SSA), to maximize 
all-terminal reliability given a cost constraint. In addition, (Atiqullah & Rao, 1993) described a heuristic approach 
based on simulated annealing to maximize all-terminal reliability under cost constraint. However, both (Shao, et. 
al, 2005) and(Atiqullah & Rao, 1993) address the hierarchical network topology; thus they are not useful for 
general networks.  
Saad, et. al (2018) presented an approach based on artificial bee colony algorithm for distributed local area network 
topology design which was formulated as a discrete multi-objective optimization problem, note that our NTD-RC 
problem is different from that problem described in (Saad, et. al. 2018) because it is solving a single objective 
optimization problem. 
Elshqeirat, et. al, July (2013) presented a dynamic programming (DP) scheme to solve the NTD-RC problem. They 
propose a DP approach, called DPA, to generate the topology using all (s, t) paths in the network to maximize (s, 
t) reliability. Five different path-orders are proposed to improve the effectiveness of DPA. Further, the path-orders 
allow DPA to generate only k≥1 paths dynamically from the graph model of the network and stops if including 
path k+1 leads to an insignificant improvement to the resulting topology’s reliability. In Elshqeirat, et. al, (2014) 
the same authors used two DPA approaches, called DPA-1 and DPA-2, to solve NTD-RC with all-terminal 
reliability measure by generating the NT using a sequence of spanning trees to maximize the reliability. The first 
version, i.e., DPA-1, requires all spanning trees of the network to maximize the reliability. The approach proves 
that DPA-1 able to produce optimal NT given as input an optimal sequence of spanning trees. In addition, authors 
in (Elshqeirat, et. al, 2014) showed that generating optimal order of the trees is NP-complete, and described five 
tree order criteria to heuristically generate the best sequence of spanning trees that allow DPA-1 to produce near 
optimal results. Further, they proposed an alternative DP algorithm, called DPA-2, that uses only k spanning trees 
sorted in increasing weight and lexicographic order to improve DPA-1’s time efficiency while producing similar 
results.  
The aforementioned DP approaches in (Elshqeirat, et. al, July 2013; Elshqeirat, et. al, 2014) have been shown 
effective in addressing the NTD-RC problem. However, in the worst case they require generating all possible (s, 
t) paths or spanning trees to form each feasible solution; thus, such approach is infeasible for large networks as, in 
general, a network contains an exponential number of (s, t) simple paths and spanning trees, i.e., O(2

|E|-|V|+2
) (s, t) 

simple paths and O(|V||v|) spanning trees (Elshqeirat, et. al, 2015).  As later described in Section 4.1, in this paper, 
we propose Algo-DP to generate each optimized topology by deleting some links from the original network. Thus, 
our approach in the worst case consider only O(|E|) links of the network. We also propose five link-orders each of 
which is used by Algo-DP to further improve results. 
3. Network Topology Design Problem 
3.1 Dynamic Programming Formulation for NTD-RC 
Let LXi, for i=1, 2, …, m, be a sequence of links selected from i links in (e1, e2, …, ei), and Gi=(V, Ei⊆E) be an 
induced graph whose links comprise of all links in G but those in LXi, i.e., Ei = E – LXi; recall that m=|E|. 
Equivalently, LXi is a set of links in (e1, e2, …, ei) that are deleted from G, meaning Gi does not contain any link 
in LXi. Note that 0≤|LXi|≤i, and there are O(2|Ei|) different possible LXi. NTD-RC aims to delete set of links in (e1, 
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e2, …, em) such that Cost(Gm)≤Cmax, and Rel(Gm) is the maximum. We define a solution or NT, Gi, is feasible if its 
Cost(Gi)≤Cmax; otherwise, it is a non-feasible solution. For Fig. 1 with Cmax =20, LX8=(d, f, g) is a feasible solution 
because Cost(G8)=17≤ Cmax.  
Let DP[1 .. m, Cmax .. CG] be a 2-dimensional dynamic programming table, where CG=Cost(G), i.e., the cost of the 
original network with no link deletion. Each element DP[i, c], for i=1, 2, …, m, c= CG, …, Cmax, stores four pieces 
of information: a reliability 0≤R[i, c]≤1.0, a sequence of links L[i, c]⊆E, a cost Cmax<C[i, c]≤CG , and an integer 
index Cmax≤J[i, c]≤CG. Let R[i, c]=Rel(Gi), for c= CG, …, Cmax, be the maximum reliability of Gi subject to 
Cost(Gi)≤c. More specifically, R[i, c] is the reliability of Gi=(V, E – LXi) which is the best subgraph of G that 
contains only links E-LXi with total cost at most c, and maximum reliability. Note that R[m, Cmax] stores the 
maximum reliability of Gm subject to Cost(Gm)≤Cmax, and NTD-RC aims to find the most optimal LXm whose 
deletion from E generates the optimal NT, i.e., Gopt. 
Let L[i, c]=LXi such that Cost(Gi)≤c, and C[i, c]=Cost(E-L[i, c]). For each range of columns c1≤c≤c2 in row i that 
contain the same cost value, we set each J[i, c]=c1. Thus, index J[i, c]=CG, …, Cmax marks the starting column of 
a range of columns that have the same cost. For example, as later shown in Table 2, we store J[1, c]=25 at columns 
c=29 down to  c=25. 
Each R[i, c] is calculated using the following three equations: 

R[i, c]=0; if i=1 and Cost(G-e1) > c                        (3) 
R[i, c]=Rel(G-e1); if i=1 and Cost(G-e1)≤ c                     (4) 

R[i, c]=Max(R[i-1, c], Rel(G-L[i-1, cj] - {ei})); 
 if i>1, 1≤cj≤ c and Cost(G-L[i-1, cj]-{ei})≤c                    (5) 

Note that Rel(G-e1) and Cost(G-e1) refer to the reliability and cost of network G after deleting link e1, respectively. 
We explain the dynamic programming formulation in Eq. (3) to (5) as follows. Without loss of generality, we 
consider the link selection start from the first link e1. In Eq. (3), when Cost(G-e1)>c, link e1 cannot be deleted since 
the resulting NT is non-feasible, i.e., over budget, and thus we set R[1, c]=0. In contrast, if the cost of G without 
e1 is within budget c, i.e., it is a feasible solution, in Eq. (4), e1 is deleted, giving R[1, c]=Rel(G-e1).  
Equation (5) considers the case when deleting each link ei, together with some previously deleted links in LXi-1 
for each i>1 is feasible, i.e., Cost(G-L[i-1, cj]-{ei})≤c, for each possible j=J[i, c]= CG, …, Cmax, and their induced 
topology Gi has the maximum reliability. Although deleting ei produces a feasible NT, will deleting ei lead to 
producing optimal topology? If ei is not deleted, the potential maximum reliability would come from deleting links 
in (ei+1, ei+2,…, em) with unchanged budget c; i.e., R[i, c]=R[i-1, c]. On the other hand, if ei is deleted, the remaining 
allowable cost for deleting links in (ei, ei+1, …, em) would be reduced from c to cj<c, for each possible cj>0, and 
the resulting reliability would be Rel(G-(L[i-1, cj]-{ei}). Thus, Eq. (5) sets R[i, c] to the maximum between the 
two potential reliability values. When the two options produce the same reliability, our implementation selects the 
one with lower cost.  
4. Proposed Solution 
4.1 Dynamic Programming Algorithm 
Fig. 3 shows the pseudo code of our proposed dynamic programming algorithm, called Algo-DP, which directly 
applies the DP formulation in Eq. (3) to (5). For a G=(V, E) that contains m=|E| links with cost constraint Cmax, 
Algo-DP implicitly constructs a DP table of size |E|×Cmax. However, as shown in Fig. 3, Algo-DP keeps only two 
consecutive rows of the table, called row1 and row2, and therefore requires only a table of size 2×Cmax. Specifically, 
Algo-DP computes R[1,  j] and L[1,  j]  in row1 using the information in R[2, c] and L[2, c] in row2, for all 
relevant columns c and j. Then, after copying the contents of row1 to row2, it repeats the step until all links have 
been considered.  
Line 1 implements Eq. (3), while Line 2 to 5 are based on Eq. (4). The remaining of the code, i.e., Line 6 to 18, is 
used to implement Eq. (5). Lines 19 to 22 copy the contents of row1 to row2. Function Cost(X) in Fig. 3 computes 
the total cost of the union of links in network X=(X-L[i-1, cj]-{ei}), and function Rel(X) calculates the reliability 
of the network X using the Monte Carlo Simulation (Yeh, et. al, 1994) . 
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Algo-DP 
1.   Initialize L[2, c]={} and R[2, c]=0 for c<Cost (G - e1) // Eq. (3) 
2.   for (c← Cost (G)-1 down to Cost (G - e1)) do // Eq. (4) 
3.        L[2, c] ← {e1} 
4.        R[2, c] ← Rel (G- e1)   
5.   end for c 
6.   for (i ← 2 to |E|) do   // Eq. (5) 
7.        for (c← Cost (G)-1  down to Cmax) do  
8.             while( j != 0 && 1≤cj≤c)  // **  
9.                  if R[2, c]< Rel(G-L[2, cj ]-{ei}) then  
10                      L[1, c] ← L[2, cj ]+ {ei}  
11.                     R[1, c] ← Rel(G-L[2, cj ] - {ei})     
12.                else 
13.                     L[1, c] ←  L[2, c]   
14.                     R[1, c] ← R[2, c]      
15.                end if 
16.                j - - 
17.          end while   
18.      end for c 
19.      for (Y  Cmax to Cost(G)-1) do // copy row1 to row 2 
20.           L[2, Y ] ← L[1, Y ]                     
21            R[2, Y ] ← R[1, Y ]  
22.       end for Y 
23.  end for i 
** j is the different solutions and cj is the cost of selecting jth solution in row 2   
 

Figure 3. Algo-DP Pseudocode 
 
The time complexity of Algo-DP can be computed as follows. Function Cost(X) requires all unique links used in 
network X. For each c, Cost(X) returns the sum of links that are in network X without the set of the links in L[i-1, 
c] + {ei}; recall that the links in L[i-1, c] + {ei} are the set of links to be deleted from network X. Using the bit 
implementation (Soh & Rai, 1991), one requires only one bit OR and one bit XOR operation to obtain the links in 
X that are not in L[i-1, c] + {ei}, and thus for any X, Cost(X) can be computed in O(|E|). Algo-DP uses the function 
at most once for every table entry, and therefore the worst case time complexity for using the function is 
O(E|2×Cmax).  
The Rel(X) function can be implemented using any exact reliability calculation (Soh & Rai, 1991), heuristic 
technique (Dengiz, et. al, 1997)  or approximation (bounding) method (Dengiz, et. al, 1997). In this paper, we 
propose using the Monte Carlo Simulation (Yeh, et. al, 1994) to estimate the reliability Rel(X) of each candidate 
NT. The simulation has a time complexity of O(b×|V|4) (Yeh, et. al, 1994) , where b and |V| are the number of 
replications and nodes respectively. Note that Rel(X) is used only if Cost(X)≤Cmax; let ψ be the total number of 
cases where Cost(X)≤Cmax. Hence the time complexity of using Rel(X) is O(ψ×b×|V|4), and Algo-DP requires 
O(ψ×b×|V|4+|E|2×Cmax) in the worst case. 
4.2 Illustrating Example 
Consider the network in Fig. 1, with each link’s reliability and cost as shown in Table 1, and Cmax=20. Algo-DP 
constructs the DP table in Table 2, to obtain the optimal network in Fig. 2; for convenience, we show all |E|=8 
rows although our implementation creates only two rows. Further, each element DP[i, c] of the table shows only 
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two fields, i.e., the set of links to be deleted, L[i, c], and the reliability of its resulting graph, Rel[i, c].  
 
Table 2. DP table for network in Fig. 1 
 29 28 27 26 25 24 23 22 21 20 
b 
 

{b} 
0.65 

{b} 
0.65 

{b} 
0.65 

{b} 
0.65 

{b} 
0.65 

{} 
0 

{} 
0 

{} 
0 

{} 
0 

{} 
0 

d {d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{b,d} 
0.59 

{b,d} 
0.59 

{b,d} 
0.59 

{b,d} 
0.59 

g {d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d,g} 
0.63 

{d,g} 
0.63 

{d,g} 
0.63 

{d,g} 
0.63 

c {c} 
0.76 

{c} 
0.76 

{c} 
0.76 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d,g} 
0.63 

{d,g} 
0.63 

{d,g} 
0.63 

{d,g} 
0.63 

f {c} 
0.76 

{c} 
0.76 

{c} 
0.76 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d,g} 
0.63 

{d,g} 
0.63 

{f,d,g} 
0.659 

{f,d,g} 
0.659 

a {c} 
0.76 

{c} 
0.76 

{c} 
0.76 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d,g} 
0.63 

{d,g} 
0.63 

{f,d,g} 
0.659 

{f,d,g} 
0.659 

h {c} 
0.76 

{c} 
0.76 

{c} 
0.76 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d,g} 
0.63 

{d,g} 
0.63 

{f,d,g} 
0.659 

 {f,d,g} 
0.659 

e {c} 
0.76 

{c} 
0.76 

{c} 
0.76 

{d} 
0.75 

{d} 
0.75 

{d} 
0.75 

{d,g} 
0.63 

{d,g} 
0.63 

{f,d,g} 
0.659 

 {f,d,g} 
0.659 

 
Each row of the table considers each ei for possible deletion randomly and each column shows the budget cost 
c≥Cmax. Since the maximum cost of the network is CG=Cost(G)=30 and Cmax=20, Algo-DP requires 30-20=10 
columns, i.e., c = 20, 21, …, 29. Each element in the table shows the set of links that have been selected for deletion 
and the (s, t) reliability of the topology when the links are deleted.  
For e1=b, since Cost(G-{b})=25, Line 1 initializes the first row with L[1, c]={} and R[1, c]=0 for each column 
c<25, i.e., c=20, …, 24. On the other hand, for each column c=25, 26, …, 29, lines 2 to 5 set L[1, c]={b} and R[1, 
c]=0.65. Note that the reliability of the topology after deleting link b is 0.65.  
Next, consider e2=d. Since Cost(G-{d})=24, when j=1, Algo-DP has c1=24 and obtains Rel(G-L[i-1, c1]-{d}=G-
{}-{d})=0.75, which has higher reliability than the previous result when it considered only e1=b, i.e., R[i-1, c]=0.65, 
for each c=25, 26, …, 29, and R[i-1, 24]=0. Thus, deleting {d} for each column c≥24 is better. For this case, 
following Eq. (5), i.e., lines 7-18, Algo-DP sets L[2, c]={d} and R[2, c]=0.75 for each c≥24. Further, for j=2, with 
c2=25 we have Cost(G-L[i-1, c2] - {d})=Cost(G-{b, d})=19. Thus, Algo-DP selects links {b, d} at each column 
c=20, …, 23, because we have Rel(G-L[i-1, c2]-{d})=G-{b}-{d})=0.59, which is better than R[i-1, c]=0.  
As another example, consider link e4=c; see row 4 in Table 2. For this case, Cost(G-{c})=27. Following Eq. (5), 
Algo-DP deletes link c, instead of the previous decision to delete because since Rel(G-{c})=0.76 is better than the 
reliability Rel(G-{d})=0.75 of deleting link d, for each c≥27 . 
For the next example, we consider e5=f with Cost(G-{f})=27 and Rel(G-{f})=0.75; link f should not be selected 
for each c≥27 because Rel(G-{f})=0.75 is worse than deleting link c, i.e., R[i-1, c]=Rel(G-{c})=0.76 is larger than 
Rel(G-{f})=0.75. Since deleting link f together with links {d, g} for c=20 and 21 is feasible and improves the 
reliability, we set L[5, c]={f, d, g}and R[5, c]=0.659. Finally, e6=a, e7=h, and e8=e are not selected for each c=20, …, 
29 because each selection does improve the reliability of the topology. The optimal topology Gopt with the 
maximum reliability of 0.659, shown in Fig. 2, is obtained by deleting three links, i.e., {f, d, g}. 
4.2 Link Ordering 
As later shown in our simulation results in Section 5, the optimality of our heuristic Algo-DP depends on the 
ordering of deleted links. To this end, we propose the following five possible links orders: 1) LO1: Increasing link 
cost ci; 2) LO2: Decreasing link cost ci; 3) LO3: Increasing link reliability ri; 4) LO4: Increasing ratio ci/ri; LO5: 
Increasing ratio ri/ci. Table 3 shows an example of the different order criteria LO1-LO5 for the topology in Fig. 1. 
LO1 aims to exclude less costly links from the topology first. For example, criterion LO1 generates links (a, c, f, 
h, e, g, b, d) in increasing cost order, e.g., link a with cost of 2 is ahead of link c with cost of 3. In contrast, LO2 
aims to exclude the most costly links from the topology first. For example, criterion LO2 generates links (d, b, g, 
e, h, f, c, a) in decreasing cost order, e.g., link d with cost of 6 is ahead of link b with cost of 5. On the other hand, 
LO3 aims to remove links from the least reliable first, and thus the generated topology is expected to contain links 
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with higher reliability. As an example, LO3 produces link order (d, b, g, f, h, c, e, a), e.g., link b is after link d 
because the reliability of the latter link of 0.7 is larger than the former link of 0.6. Finally, LO4 and LO5 aim to 
find the ration between the link cost and reliability. More specifically, LO4 removes links with the least ratio of 
ci/ri first, while in LO5, we remove links with least ratio of ri/ci first. As an example, LO4 produces link order (a, 
h, c, f, e, g, b, d), e.g., link h is after link a because ch/rh=3.75>ca/ra)=2.2, but LO5 produces link order (d, b, g, e, 
f, c, h, a), e.g., link a is after link h because rh/ch=0.266<ra/ca=0.45.  
Note that one can use any sorting algorithm, e.g., merge sort, to implement each link order with a time complexity 
of O(|E|×log |E|) (Cormen, et. al, 1990).  
 
Table 3. Example of different link orders 

No. LO1 LO2 LO3 LO4 LO5
1 a d d a d 
2 c b b h b 
3 f g g c g 
4 h e f f e 
5 e h h e f 
6 g f c g c 
7 b c e b h 
8 d a a d a 

 
5. Simulation and Discussion 
We have implemented our Algo-DP in C language. We used Algo-DP on the 25 networks described in  to evaluate 
the five link orders, LO1 to LO5, as well as to compare the performance of Algo-DP against DPA (Elshqeirat, et. 
al, July 2013). The networks contain four to 200 nodes and five to 298 links, with four to 299 (s, t) paths. We use 𝐶𝑁௡,େ௠௔௫|୚|,|୉|  to denote a communication network with |V| nodes, |E| links, n (s, t) paths, and cost constraint Cmax. For 
each of the 25 networks in (Elshqeirat, et. al, July 2013), we first assigned the ri and ci for each link ei randomly, 
and set its cost constraint Cmax no larger than 60% of the total link costs of the topology. Then, we sorted the links 
of each topology following the methods described in Section 4.3, i.e., LO1, LO2, LO3, LO4 and LO5 and use 
Algo-DP to compare the performance of the five link orders.  All simulations were run on Intel Core i5 with 2.53 
GHz with 4 GB of RAM, running Linux (Ubuntu Core 11.10).  
 
Table 4. The effects of link orders on the performance of Algo-DP 

Network Rel(G) generated by Algo-DP for different link orders  

DPA Random LO1 LO2 LO3 LO4 LO5  𝐶𝑁ସ,ଵ଼ସ,ହ   0.8640 0.8640 0.9120 0.8886 0.8640 0.8660 0.9120 𝐶𝑁ଽ,ଶ଴ହ,଼  0.7237 0.7285 0.9148 0.8130 0.7285 0.8573 0.9148  𝐶𝑁଻,ଶ଴଺,଼  0.8238 0.8441 0.8330 0.8705 0.8441 0.8238 0.8330(-4.3%) 𝐶𝑁ଵଷ,ଶ଴଺,ଽ  0.7211 0.7285 0.7810 0.7820 0.7285 0.7810  0.7930(+1.4%) 𝐶𝑁ଵଷ,ଶ଴ଽ,ଵଶ  0.5889 0.5902 0.5910 0.5902 0.5902 0.5910 0.5910 𝐶𝑁ଵସ,ଶ଴଻,ଵହ  0.6690 0.8450 0.9470 0.9568 0.6690 0.9410  0.9470(-1.02%) 𝐶𝑁ଵ଼,ଶ଴ଵଵ,ଵଶ 0.8738 0.9110 0.8770 0.9174 0.8770 0.9210 0.9210 𝐶𝑁ଵ଼,ଶ଴ଽ,ଵଷ  0.6310 0.6310 0.6910 0.6869 0.6310 0.6869 0.6910 𝐶𝑁ଶ଴,ଶ଴଼,ଵଶ  0.4220 0.4368 0.7780 0.6566 0.4368 0.7020 0.7780 𝐶𝑁ଶସ,ଶ଴଼,ଵଶ  0.7165 0.7287 0.7296 0.8541 0.7296 0.8430  0.8530(-0.128%) 𝐶𝑁ଶହ,ଶ଴଻,ଵଶ  0.7300 0.7300 0.9391 0.9391 0.7300 0.9391 0.9391 𝐶𝑁ଶଽ,ଶ଴଼,ଵଷ  0.6864 0.5664 0.7770 0.7443 0.6964 0.7610 0.7770 𝐶𝑁ଷ଺,ସ଴ଵ଺,ଷ଴ 0.8820 0.8820 0.8820 0.8820 0.8820 0.8820 0.8820 𝐶𝑁ସସ,ସ଴ଶଵ,ଶ଺ 0.4368 0.5558 0.6880 0.6480 0.5324 0.6820 0.6880 
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𝐶𝑁ସସ,ସ଴ଽ,ଵସ  0.8794 0.9074 0.9110 0.9074 0.9074 0.9080 0.9110 𝐶𝑁଺ସ,ସ଴ଵ଴,ଶଵ 0.9662 0.9662 0.9698 0.9698 0.9662 0.9698  0.9640(-0.598%) 𝐶𝑁ଶ଼ଵ,ସ଴ଵ଼,ଶ଻  0.7754 0.7859 0.9020 0.8916 0.7859 0.8790 0.9020 𝐶𝑁ଶ଼ଵ,ସ଴ଵଷ,ଶଶ  0.9335 0.9335 0.9610 0.9477 0.9335 0.9660 0.9660 𝐶𝑁଻଼଴,ସ଴ଶ଴,ଷ଴  0.8122 0.8780 0.9010 0.8780 0.8780 0.8420  0.9010 𝐶𝑁ଵଷ଺,ସ଴ଵ଻,ଶହ  0.9228 0.8969 0.9420 0.9228 0.8973 0.8973  0.9470(+0.528%) 𝐶𝑁ଵଶ଺ଶ଼ଵ଺,ଶ଼ଷ଺,ହ଻  0.6522 0.6592 0.6631 0.6592 0.6631 0.6528  0.6592(-0.588%) 𝐶𝑁ହଷ଼଴ଶ଴,ଷ଴ଷ଺,଺଴  0.9336 0.9387 0.9342 0.9387 0.9336 0.9324 0.9401(+0.149%) 𝐶𝑁଺ସ଴ଵଽଽଶଵ,ଷ଼ସ଼,଻଻  0.8058 0.8058 0.8058 0.8058 0.8058 0.8058 0.8058 𝐶𝑁ହଶସଶ଼଼,ଶଽସ଴,ହ଼  0.2159 0.2159 0.2164 0.2159 0.2159 0.2110 0.2164 𝐶𝑁ଶవవ,ଵସଽଶ଴଴,ଶଽ଼ 0.2011 0.2235 0.2407 0.2164 0.2164 0.2235 0.2320 (-3.61%) 

Total 2 3 18 9 3 7 19 

 
Table 4 shows that the LO2 order is the best, because it gets 18 out of 25 best results; see numbers in bold in 
columns LO1 to LO5 and the last row in the columns that shows number of times each link order produces the 
best results among the five orders. Notice that LO3 and LO5 are the next best orders, producing nine and seven 
best results, respectively, while LO1 and LO4 are the worst performers with only three best results. The table also 
shows the result when using random order in which Algo-DP produces only two best results; note that the two best 
results are also produced from all other ordering criteria, i.e., LO1-LO5. The results confirm the merits of using 
the proposed link orders. Further, to generate NT with the maximum reliability, we suggest running Algo-DP using 
each of the five link orders, and select the NT with highest reliability.  
Table 4 shows the maximum reliability of feasible topology for each network generated by DPA (Elshqeirat, et. al, 
July 2013) ; see the last column. Note that the authors (Elshqeirat, et. al, July 2013) proposed five link orders, CR1, 
CR2, CR3, CR4, CR5, and Table 4 shows the best outcomes of DPA using all orders. As shown in Table 4, Algo-
DP generates topology with higher 2-terminal reliability (up to 4.3% improvement) for 6 of 25 networks, as 
compared to DPA; see column DPA with (negative %). Further, Algo-DP is able to generate the same results as 
DPA for the other 15 topologies, while producing only three inferior results that has reliability no worse than 1.4%; 
see column DPA with (positive %). We need to re-emphasize that, while Algo-DP considers |E| links to generate 
its DP table, DPA potentially can use O(2

|E|-|V|+2
) (s, t) paths of the network to generate its DP table. The difference 

is significant for large sized CN, e.g., 𝐶𝑁ଶవవ,ଵସଽଶ଴଴,ଶଽ଼ that has 298 links with 299 paths. Thus, in addition to generate more 
NT that has higher reliability, Algo-DP using the five link orders also significantly outperforms DPA in terms of 
computational time complexity. 
6. Conclusion 
We have formally defined an NP-hard network topology design problem, called NTD-RC, to generate a network 
topology with maximized 2-terminal reliability, subject to a cost constraint Cmax. We have proposed a heuristic 
dynamic programming method, called Algo-DP, to solve the problem and five different link ordering methods to 
optimize its results. Our simulations on 28 topologies show the effectiveness of Algo-DP and the benefits of using 
the link orders to find the best results. While Algo-DP does not guarantee to always generate optimal topology, the 
simulations show that it finds better results as compared to the most recently proposed approach, DPA (Elshqeirat 
et. al, July 2013). More specifically, Algo-DP generates topology with the same or better 2-terminal reliability 
(with up to 4.3% improvement) on 92% of the 25 network topologies. Since Algo-DP is computationally more 
efficient as compared to the existing approach, it becomes the obvious choice for used in large network topology 
design. For future direction, we plan to use a similar approach to solve the NTD-CR problem.  
References 
Abo ElFotoh, H., & Al-Sumait, L. (2001). A neural approach to topological optimization of communication 

networks, with reliability constraints. IEEE Trans. Reliability, 50(1), 397-408. 
https://doi.org/10.1109/24.983401 

Atiqullah, M., & Rao, S. (1993). Reliability optimization of communication networks using simulated annealing. 
Microelectronics and Reliability, 33(1), 1303-1319. https://doi.org/10.1016/0026-2714(93)90132-i 



mas.ccsenet.org Modern Applied Science Vol. 12, No. 12; 2018 

172 
 

Bhupesh, K., Makarand, S., & Misra, K. (2008). Optimal Reliability Design of a System. In: Misra K. B. (eds), 
Handbook of Performability Engineering, Springer, London. https://doi.org/10.1007/978-1-84800-131-2_32 

Chelouah, R., & Siarray, P. (2000). Tabu Search applied to global optimization. European Journal of Operational 
Research, 123(1), 256-270. https://doi.org/10.1016/s0377-2217(99)00255-6 

Cormen, T., Leiserson, C., & Rivest, R. (1991). Introduction to Algorithms, Cambridge: The MIT Press. 
https://doi.org/10.2307/2583667 

Dengiz, B., & Altiparmak, F. (2009). Cross entropy Approach to Design of Reliable Networks. European Journal 
of Operation Research (EJOR), 199(1), 542-552. https://doi.org/10.1016/j.ejor.2008.11.022 

Dengiz, B., Altiparmak, F., & Smith, A. (1997). Efficient optimization of all-terminal reliable networks. IEEE 
Transactions on Reliability, 41(1), 18-26. https://doi.org/10.1109/24.589921 

Dengiz, B., Altiparmak, F., & Smith, A. (1997). Local search genetic algorithm for optimal design of reliable 
networks. IEEE Trans. Evolutionary Computation, 1(3), 179-188. https://doi.org/10.1109/4235.661548 

Elshqeirat, B. (2015). Optimizing reliable network topology design using dynamic programming. Ph.D. 
dissertation, Dept. Comp., Curtin Univ., Perth, Australia. 

Elshqeirat, B., Soh, S., Rai, S., & Lazarescu, M. (2014). A Dynamic Programming Algorithm for Reliable Network 
Design. IEEE Trans. Reliability, 63(2), 443-454. https://doi.org/10.1109/tr.2014.2314597 

Elshqeirat, B., Soh, S., Rai, S., & Lazarescu, M. (2015). Topology Design with Minimal Cost Subject to Network 
Reliability Constraint. IEEE Trans. Reliability, 64(1), 118-131. https://doi.org/10.1109/tr.2014.2338253 

Elshqeirat, B., Soh, S., Rai, S., & Lazarescu, M. (August 2013). Dynamic Programming for Minimal Cost 
Topology with Two Terminal Reliability Constraint. Proc. IEEE Asian Pacific Conference on Communication, 
Indonesia. https://doi.org/10.1109/apcc.2013.6766047 

Elshqeirat, B., Soh, S., Rai, S., & Lazarescu, M. (December 2013). Dynamic Programming for Minimal Cost 
Topology with Reliability Constraint. Journal of Advances in Computer Networks, 1(4), 286-290. 
https://doi.org/10.7763/jacn.2013.v1.57 

Elshqeirat, B., Soh, S., Rai, S., & Lazarescu, M. (July 2013). A Practical Algorithm for Reliable Communication 
Network Design. International Journal of Performability Engineering, 9(4), 397-408. 

Gen, L. (2006). A Self-controlled Genetic Algorithm for Reliable Communication Network Design. Evolutionary 
Computation IEEE Congress, 640-647. https://doi.org/10.1109/cec.2006.1688371 

Khan, S., & Engelbrecht, A. (2008). A Fuzzy Ant Colony Optimization Algorithm for Topology Design of 
Distributed Local Area Networks. Proceedings of IEEE Swarm Intelligence, 1-7. 
https://doi.org/10.1109/sis.2008.4668303 

Konak, A. & Smith, E. (1999). A Hybrid Genetic Algorithm Approach for Backbone Design of Communication 
Networks. Proceedings of the 1999 Congress on Evolutionary Computation -CEC99, 1817-1823. 
https://doi.org/10.1109/cec.1999.785495 

Konak, A., & Smith, E. (2005). Designing Resilient Networks using a Hybrid Genetic Algorithm Approach. 
Proceedings of the 2005 Conference on Genetic and Evolutionary Computation. 
https://doi.org/10.1145/1068009.1068217 

Mutawa, A. Alazemi, H., & Rayes, A. (2009). A novel steady-state genetic algorithm approach to th91e reliability 
optimization design problem of computer networks. International Journal of Network Management, 19(1), 
39-55. https://doi.org/10.1002/nem.687 

Papagianni, C. Papadopoulos, K., & Pappas, C. (2008). Communication Network Design Using Particle Swarm 
Optimization. Proceedings of the International Multiconference on Computer Science and Information 
Technology, 915-920. https://doi.org/10.1109/imcsit.2008.4747351 

Reichelt, D., & Rothlauf, F. (2005). Reliable Communication Network Design with Evolutionary Algorithms. 
International Journal of Computational Intelligence and Applications, World Scientific Publishing, 5(2), 251-
266. https://doi.org/10.1142/s146902680500160x 

Saad, A., Khan, S., Mahmood, A. (2018). A multi-objective evolutionary artificial bee colony algorithm for 
optimizing network topology design. Swarm and Evolutionary Computation, 38(1), 187-201. 
https://doi.org/10.1016/j.swevo.2017.07.010 

Shao, F., Shen, X., & Ho, P. (2005). Reliability optimization of distributed access networks with constrained total 



mas.ccsenet.org Modern Applied Science Vol. 12, No. 12; 2018 

173 
 

cost. IEEE Trans. Reliability, 54(3), 421-430. https://doi.org/10.1109/tr.2005.853440 
Soh, S., & Rai, S, (1991). CAREL: Computer aided reliability evaluator for distributed computer networks. IEEE 

Trans. Parallel and Distributed Systems, 2(1), 199-213. https://doi.org/10.1109/71.89065 
Won, J., & Karray, F. (2010). Cumulative Update of All-Terminal Reliability for Faster Feasibility Decision. IEEE 

Trans. Reliability, 59(3), 551-562. https://doi.org/10.1109/tr.2010.2055924 
Yeh, S., Lin, J., & Yeh, W. (1994). New Monte Carlo method for estimating network reliability. Proceedings of the 

16th International Conference on Computers and Industrial Engineering, 723-726. 
Zakir, M., & Abd-El-Barr, M. (2002). Enumerative techniques in topological optimization of computer networks 

subject to fault tolerance and reliability. In Proceedings of the 14th IASTED international conference on 
parallel and distributed computing and systems (PDCS-2002), Cambridge, 123-128. 

 
Copyrights 
Copyright for this article is retained by the author(s), with first publication rights granted to the journal. 
This is an open-access article distributed under the terms and conditions of the Creative Commons Attribution 
license (http://creativecommons.org/licenses/by/4.0/). 

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


