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Abstract

The COVID-19 pandemic has led to unprecedented economic challenges across the world. To combat these
challenges, the government of Peru used fiscal stimulus in the form of direct subsidies paid to vulnerable
populations for social protection and to stimulate the economy. Using 514 survey responses collected both
in-person and online, the objectives of this study were to calculate the marginal propensity to consume (MPC)
for Peruvian subsidy recipients and to evaluate the heterogeneity amongst beneficiaries based on four individual
factors: pre-pandemic savings, financial inclusion (bank account ownership), survey response type (online vs
in-person), and domicile location (residing in Lima Metro or not). Overall, survey responses showed an average
MPC of 0.89, which was greater than subsidy-inspired MPC studies from high-income countries like the United
States, United Kingdom, and Japan. There was a statistically significant relationship between MPC and liquidity,
which corroborated previous studies on MPC from other countries. Relationships between similar programs in
Peru and high-income countries for the impact, effectiveness, and purpose of direct stimulus payments are
discussed.
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1. Introduction

The initial impact of COVID-19 in Peru was similar to many other countries: swift, unpredictable, and
frightening. Official notification of the first case came on 6 March 2020, and quickly led to closed borders and
movement restrictions by 21 March (ElI Comercio, 2020; Gesticn, 2020). The rapid onset of the pandemic and
the various resulting restrictions led to an unprecedented economic crisis for the country. Year-on-year gross
domestic product (GDP) decreased by approximately 40% in April 2020 and unemployment levels in Lima
increased from approximately 7% in February 2020 to over 16% by July 2020 (BCRP, 2021). Generally, low
levels of household savings and scarce social protection programs in the country made life difficult for Peruvians
once restrictions were implemented. Considering the totality of the problem, the Peruvian government initiated
large-scale subsidy programs to support homes and businesses.

A substantial component of the Peruvian stimulus response to combat the economic effects of the pandemic was
paid out as subsidies, called bonos in Peru, that went directly to qualifying households as cash transfers. D. U.
027-2020, the first decree made by the Peruvian executive branch announcing these stimulus payments, stated
that the payment was for the economic protection of households. This implied the main goal of this stimulus was
likely social protection, which is an important distinction (Decreto de Urgencia N<027-2020, 2020). Fiscal
policies of this nature can not only be created to stimulate the economy but also to protect vulnerable populations.
In many cases, both outcomes are likely occurring at the same time. Zhang, Thelen, and Rao (2009), writing for
the United Nations Development Program (UNDP), define social protection as “policy interventions that are
intended to reduce poverty and vulnerability (including transitory poverty and vulnerability due to economic or
other shocks) and to improve human welfare”. In addition to social protection, the elevated MPC of subsidy
recipients likely led to a strong positive effect on GDP.

There were five subsidies in 2020, and they all had different qualification requirements. The administrating
organizations were responsible for finding and delivering the subsidies to the correct people. The government
decrees and websites for the various subsidies provided eligibility requirements for each one, however it was not
always feasible or understandable how potential beneficiaries could discover if their households were eligible.
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Surveyors reported many people asking for help in getting their subsidies and confusion as to why they did not
get one when a neighbor, friend, or relative in a similar financial situation did. A large part of subsidy eligibility
was determined by the economic classification of a household, which is made by the SISFOH (Sistema de
Focalizacién de Hogares). The SISFOH falls under The Ministry of Development and Social Inclusion
(Ministerio de Desarrollo y Inclusién Social [MIDIS]). Households in Peru are classified as either “extremely
poor”, “poor”, or “not poor”. In Lima Metro, for example, a household with private medical insurance, a car less
than ten years old, a monthly income over S/ 948 Peruvian soles ($270 USD) per capita, or a monthly electric
bill over S/ 25.11 ($7.17 ) would be registered as “not poor” and would generally be ineligible for the subsidy
payments (MIDIS, 2019). The subsidy for independent workers (Bono Independiente) was an exception as it was
available only to “not poor” households that had independent workers with a total household income less than S/
1,200 ($345), amongst other requirements (Decreto de Urgencia N<033-2020, 2020).

There exists a significant base of information and research on the MPC that arises from stimulus payments.
Recently, studies from 2020 and 2021 about the MPC resulting from stimulus payments in the United States
(Economic Impact Payments) provide many examples of how MPC can be measured, the challenges of
measuring it, and the heterogeneity amongst subsidy recipients’ reactions to receiving payments (Armantier,
Goldman, Kosar, & van der Klaauw, 2021; Baker, Foarrokhnia, Meyer, Pagel, & Yannelis, 2020; Coibion,
Gorodnichenko, & Weber, 2020; Karger & Rajan, 2021). These studies all demonstrated that government
stimulus has varying effects on spending that depend on an individual’s or household’s economic situation.

Ricardian Equivalence theory suggests that debt-financed fiscal policies like stimulus payments or tax breaks
will generally be ineffective because people understand that they will eventually have to pay back the
government in some future period, leading beneficiaries to tend to save all their stimulus payments (Mankiw,
2014). Using this logic, Bracco, Galeano, Juarros, Riera-Crichton, and Vuletin (2021) divided households into
two basic categories, Ricardian and non-Ricardian. Ricardian households can use credit and savings to smooth
out consumption and therefore do not respond to stimulus payments. Non-Ricardian households are those that
are unable to smooth their consumption with credit or savings and therefore are more likely to respond to
stimulus with increased spending. Non-Ricardian households, either by choice or by circumstance, spend most or
all their income in the period it is received. This type of spending has also been called “hand-to-mouth” or
“rule-of-thumb” behavior in different contexts (Bracco et al., 2021; Gal 1 Vall&, & Ldpez-Salido, 2007).

Whether it is called non-Ricardian, rule-of-thumb or hand-to-mouth, this consumer behavior equates to the same
basic result that certain households respond to stimulus by increasing spending. Bracco et al. reported that before
the pandemic struck, approximately 53% of Peruvians were hand-to-mouth consumers (Bracco et al., 2021).
Relatively low levels of savings and financial inclusion suggest that Peruvians are more apt to have high MPCs
resulting from stimulus payments, as they do not have easy access to credit or savings, both of which would
allow them to behave more like Ricardian households.
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Figure 1. MPC resulting from the first COVID-19 stimulus payment relative to checking account balance, United
States, US dollars (Baker et al., 2020)

Multiple studies about economic stimulus and MPC in the United States describe households that display
hand-to-mouth behavior as being liquidity constrained. There is a large spectrum of liquidity-constrained
households, ranging from very poor households whose income is spent primarily on necessities, to
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higher-income households that are liquidity constrained due to high monthly spending. While the circumstances
of these two household types are different, they have similar challenges due to liquidity. There is an inverse
relationship between household liquidity and the MPC resulting from a stimulus payment as households with
low liquidity tend to have higher MPCs (Armantier et al., 2021; Baker et al., 2020; Coibion et al., 2020; Karger
& Rajan, 2021). Studies from the United States on the 2001 and 2008 stimulus exhibited similar relationships
between liquidity and MPC (Parker, Souleles, Johnson, & McClelland, 2013). Figure 1, from Baker et al. (2020),
graphically shows how MPC tends to decrease as liquidity increases (based on checking account balance in US
dollars).

The study of MPCs resulting from economic stimulus is well developed in high-income countries. Multiple
recent studies calculated the MPC of COVID-19 motivated economic stimulus in the United States, United
Kingdom, and Japan (Table 1). The methods and results varied amongst the studies. Crossley, Fisher, Levell, &
Low (2021) used survey data to calculate expected MPC if the UK government were to hypothetically give out
subsidies. Kaneda et al. (2021) and Baker et al. (2020) used transaction data from personal finance companies.
Coibion et al. (2020) used data from a software company Facteus. Karger and Rajan (2021) used survey data
from the Neilson Homescan and Armantier et al. (2021) used the Consumer Expectations Survey.

Table 1. MPC estimations from government stimulus payments during COVID-19 pandemic

Citation Country Type of Data Data Source Average MPC
Baker et al. (2020) USA Fintech/Personal Finance SaverLife 0.25-0.40
Karger & Rajan (2021) USA Fintech/Personal Finance Facteus 0.46
Coibion et al. (2020) USA Survey Nielsen Homescan 0.42
Armantier et al. (2021) USA Survey Consumer Expectations Survey 0.25-0.29
Crossley et al. (2021) United Survey (estimation based on  Understanding Society 0.11
Kingdom possible future subsidy) COVID-19 Study
Kaneda et al. (2021) Japan Fintech/Personal Finance Money Forward ME 0.06-0.27

Despite the relative wealth of research on stimulus-based MPCs in high-income economies, there is much less
data on the rest of the world. In the case of Peru, research of this nature is non-existent. This is possibly due to
the unprecedented nature of the stimulus payments. Peru, through MIDIS, has a selection of social programs that
include conditional cash transfers for the poor (Juntos), cash transfers for the old and poor (Pension 65), and
programs for early childhood care and nutrition (Cuna Mas and QaliWarma), amongst others (MIDIS, 2021).
However, there are no recent examples of large-scale temporary stimulus payments like the COVID-19 subsidies.
New subsidies were announced and distributed in 2021; however, analysis of these 2021 subsidies was not
feasible in the current study because the money was still being distributed when the survey was conducted (Bono
600 and Bono Yanapay).

The objectives of this study were to calculate the MPC for Peruvian subsidy recipients and to evaluate the
heterogeneity amongst beneficiaries based on four individual factors: pre-pandemic savings, financial inclusion
(as determined by bank account ownership), survey response type (online vs in-person), and domicile location
(in Lima Metro or not). These data are useful to estimate the effectiveness and spending response of the stimulus
programs, which could help guide future stimulus in Peru or other Latin American countries.

2. Method

A total of 514 surveys were collected between 22 November and 13 December 2021 using in-person and online
surveys (Appendix). In-person surveys were conducted in the Jun® and Lima departments of Peru (Figure 2).
The surveys from Jun®, which is located to the east of Lima in the Andes mountains, were collected in the
districts of Tarma and Huaricolca. The surveys from Lima were collected in Ate and Villa El Salvador, both of
which are in Lima Metro. These locations were selected based on accessibility, surveyor personal safety, and the
determination that there would be a relatively high percentage of subsidy recipients in these areas. In-person
surveys were solicited in the surveyors’ neighborhoods, places of work, streets, and markets. Surveyors reported
that it was frequently difficult to get people to respond, and many people who were approached did not receive
any form of subsidy and did not know why. Many people also asked for help from the surveyors in getting the
subsidies that they felt they were owed. Online surveys were collected using Google Forms and distributed
through the network of co-workers, friends, and family members of students in the economics department at The
National University of San Marcos (La Universidad Nacional Mayor de San Marcos) in Lima, Peru. Two of the
subsidies, Universal | and Universal Il, were combined in the survey because many Peruvian newspapers and
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documents labeled these together as the Universal Family Subsidy (Bono Familiar Universal). Despite the
colloguial combination of the two, they were created under different decrees and had different qualification
requirements.
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Figure 2. Map of survey collection areas in the Lima and Jun f departments of Peru (Google, n.d.)

MPC is a calculation of a change in consumption divided by a change in income. In the case of these subsidies,
MPC is calculated for each individual survey respondent using the answers to questions four and seven
(Appendix). Question 4 asked the amount the respondent received, which represents their change in income (AY),
and question 7 asked how much they spent in the first three months, which represents their change in
consumption (AC). Equation 1 was used to determine the MPC for each survey respondent on a scale from 0 to 1,
with 0 meaning zero increase in consumption and all the subsidy going to savings, and 1 meaning that the
recipient spent all the subsidy within three months of receipt.

MPC= AC/AY 1)

The five subsidies were paid out by two different government agencies. The Ministry of Development and Social
Inclusion (Ministerio de Trabajo y Inclusién Social) (MIDIS) was responsible for YoMeQuedoEnCasa, Rural,
and those eligible for Universal | & Il in rural areas, and the Ministry of Labor and the Promotion of
Employment (Ministerio de Trabajo y la Promocién de Empleo) (MTPE), was charged with distribution of
Independiente and the urban Universal I & Il subsidies (see the respective Urgent Decrees [D.U. - Decreto de
Urgencia] in Table 2). It was beyond the scope of the current study to evaluate beneficiary selection or subsidy
distribution; however, this process had many shortcomings. A report from July 2020 by the Peruvian
Ombudsman (Defensor & del Pueblo) highlighted many challenges with the 2020 subsidies including outdated
beneficiary registries, lack of capacity to deliver the funds, inadequate payment formats for many rural and older
people, and cases of corruption (Defensor & del Pueblo, 2020).

The subsidy payments were mostly given out as cash in the state-run national bank (Banco de la Nacicn) or as
electronic transfers for those who signed up online to receive the money electronically. The five subsidy
payments in 2020 were all for a total amount of S/ 760, although sometimes recipients received two payments of
S/ 380 each (Bono YoMeQuedoEnCasa or Bono Independiente) (Table 2). Despite fluctuating exchange rates in
2020, the S/ 760 payments were generally worth around $215. In some cases, survey respondents reported
receiving more than one subsidy, or more than S/ 760, and in other cases respondents only received one of the
two S/ 380 payments. In 2020, worker’s monthly income averaged S/ 1711 ($490) in the Lima Metro area, S/
1414 ($405) across all urban areas, and S/ 678 ($195) in rural areas (Instituto Nacional de Estadistica e
Informatica, 2021). However, the threshold for a household to qualify as “poor”, and therefore be eligible for a
subsidy, was based on per capita household income. In Lima Metro, the threshold was S/ 948 ($270), in other
urban areas in Peru it was S/ 718 ($205), and in rural areas it was S/ 380 ($108).

Table 2. Summary of 2020 subsidy payments in Peru

Subsidy Name Amount Date First Paid Recipients
YoMeQuedoEnCasa 1st: S/ 380 soles 1st: 23 March 2020  Urban households in poverty or extreme poverty in areas
2nd: S/ 380 soles 2nd: 1 May 2020 determined to be at high COVID-19 risk.

Independiente 1st: S/ 380 soles 1st: 8 April 2020 Households of independent workers (self-employed)
2nd: S/ 380 soles 2nd: 28 April 2020
Rural S/ 760 soles 13 May 2020 Rural households in poverty or extreme poverty
Universal | S/ 760 soles 20 May 2020 Households in poverty or extreme poverty that had not yet received
a subsidy
Universal Il S/ 760 soles 1 October 2020 Every household in poverty or extreme poverty

Sources: YoMeQuedoEnCasa [I'm staying home] (Decreto de Urgencia N<027-2020, 2020; Decreto de Urgencia N©044-2020, 2020),
Independiente (Decreto de Urgencia N<033-2020, 2020; Decreto de Urgencia N<036-2020, 2020), Rural (Decreto de Urgencia N<042-2020,
2020), Universal | & 11 (Decreto de Urgencia N9052-2020, 2020; Decreto de Urgencia N<098-2020, 2020)
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An analysis of variance (ANOVA) on mean ranks (i.e., a Kruskal-Wallis Test) (PROC GLM; SAS Institute, Inc.,
Cary, North Carolina, USA) was conducted to test for differences among nine principal uses of the stimulus
money: food, utilities, healthcare, rent, education, debt, goods, transportation, and mortgage. To reduce the
potential for Type | errors, the experiment-wise error rate was limited to a < 0.05 by using a Bonferroni
adjustment (o) of [a/(k{k-1}/2)] = 0.0014 (a = 0.05; k =9). Mean ranks were considered different according to
Fisher’s protected LSD at o’ = 0.0014 rather than o = 0.05. Similarly, Kruskal-Wallis tests were conducted to
evaluate differences among five categories of pre-pandemic savings [no savings; <S/ 1,000 (<$285); S/
1,000-3,000 ($285-$860); S/ 3,000-10,000 ($860-$2,860); >S/ 10,000 (>$2,860)] for MPC and number of
respondents in each category, resulting in o’ = 0.0050.

Wilcoxon Rank Sum Tests (PROC NPAR1IWAY; SAS Institute, Inc., Cary, North Carolina, USA) were used to
test for differences in MPC among each of four sets of pairwise comparisons exhibiting non-parametric
distributions related to pre-pandemic savings, domicile location, survey response type, and financial inclusion.
In each case the null hypothesis was that the two samples were derived from populations with equal means and
the alternative hypothesis was that the two samples were derived from populations with different means.
Pairwise comparisons were considered significant at o = 0.05.

3. Results

B <6001

Number of Survey Responses

Principle Uses of Stimulus Meney
Figure 3. Primary uses of 2020 stimulus payments in Peru. Bars labeled with different letters were significantly
different at o’ = 0.0014

The survey results indicated that the recipients of subsidy payments in Peru in 2020 needed government
assistance. The subsidies were spent almost entirely on basic needs like food, utilities, healthcare, and rent
(Figure 3). Notably, 77% of respondents said food was one of the main expenses on which they spent their
subsidies, followed by utilities (38%), healthcare (36%) and rent (9%). Respondents were allowed to select more
than one option for this question (Appendix, question 6). Figure 3 shows the primary expenses and the number
of respondents who reported each category as one of their principal uses of the stimulus. These responses show
that the stimulus was generally not spent on luxury goods nor unnecessary items, as some news sources and
social media accounts have suggested (L bero.pe, 2020; Peru21, 2020).
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Respondents largely reported spending all their stimulus payments within the first three months of receipt.
While 400 of the 514 respondents reported an MPC of 1.0, the remaining 114 had a somewhat even distribution
between 0 and 1 (Figure 4). Overall, the average MPC was 0.89. The 514 respondents reported receiving a
combined total of S/ 414,270. Of that amount, S/ 21,370 (5.2%) went to the repayment of debts.
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Figure 5. Pre-Pandemic savings relative to reported MPC of 2020 Peruvian COVID-19 subsidy recipients. Bars
and diamonds labeled with different letters were significantly different at o’ = 0.0050.

Figure 5 shows the inverse relationship between MPC and pre-pandemic savings of the current study, which was
similar to what was reported in MPC studies from other countries. Savings levels among subsidy recipients were
low, with only 99 respondents (19%) having more than S/ 1,000 ($285) in savings at the beginning of the
pandemic. 413 respondents reported having less than S/ 1,000 in savings, and two did not respond to question 9
about pre-pandemic savings. Of the 99 respondents with savings over S/ 1,000, 27 were from outside of Lima
Metro and 72 from inside Lima Metro. This indicated a slightly higher savings rate in Lima Metro, with 21.5%
of the respondents inside Lima Metro (72/335) having more than S/ 1,000 in savings relative to 15.3% of
respondents outside Lima Metro (27/176). While 63% of the respondents in Lima Metro reported having bank
accounts, only 36% of those outside of Lima Metro said the same.

The Wilcoxon Rank Sum Tests showed that there were statistically significant differences in the mean MPC
between the populations with and without pre-pandemic savings, which corroborated research from the United
States on MPCs and liquidity. Both subsets of the sample had high average MPCs, but the 99 respondents who
reported having more than S/ 1,000 ($285) in savings before the start of the pandemic had an average MPC of
0.72, while the respondents (n = 413) with less savings had an average MPC of 0.93. Other statistically
significant differences in MPC, as shown using the Wilcoxon Rank Sum Tests, existed between respondents
outside of Lima Metro vs. those in Lima Metro, those responding online vs. in-person, and those with and
without bank accounts (Figure 6).
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The objectives of the current study were not to definitively measure the effect of the subsidies on Peruvian GDP;
however, it is possible to estimate the potential economic impact. The total amount designated to the five cash
transfers in Peru was S/ 11.4 billion, or approximately $3.25 billion (see the Decretos de Urgencia from Table 2).
This amounted to total expenditures on subsidies of around 1.61% of GDP, which was nominally $202 billion in
2020 (The World Bank, 2021). Using data from 1995-2018, Bracco et al. (2021) estimated the social transfer
multiplier effect in Latin America was approximately 0.9, with a peak effect on GDP coming one quarter after an
unexpected social transfer (like a COVID-19 subsidy payment). With the calculated MPC of 0.89, we can
estimate that the stimulus payments led to direct spending in the amount of approximately S/ 10.1 billion ($2.9
billion). This suggests that even with a modest multiplier effect (lower than the 0.9 estimated by Bracco et al.
[2021]), there would be a significant positive effect on Peruvian GDP.

4, Discussion

The use of discretionary fiscal policies in the form of direct subsidies to consumers to stimulate an economy is
not a revolutionary idea. Many countries gave cash handouts to their citizens during the COVID-19 pandemic,
and the United States had previously enacted similar policies through tax rebates during the 2001 and 2008
financial crises (Parker et al., 2013). Stimulus-based MPC in Peru was discovered to be much higher than that in
the United States, United Kingdom, and Japan. While there are many factors involved, this implies the
beneficiaries of the stimulus in Peru comprised a population in much greater need. The high level of
expenditures on food, housing, and healthcare showed that the subsidies helped on all these fronts and reduced
the significant economic shock and transitory poverty caused by the pandemic. The policies enacted in Peru, and
the resulting high MPC, demonstrate how fiscal policy can simultaneously stimulate the economy and provide
social protection (Zhang et al., 2009), as even a modest multiplier effect would have to lead to a positive impact
on Peruvian GDP.

The survey results showed mostly expected spending habits from the stimulus beneficiaries. The most notable
trend discovered amongst the sub-groups of the sample population was the tendency to have a lower MPC as
savings increased. This unsurprising trend has been seen in other studies of stimulus MPC (Baker et al., 2020;
Parker et al., 2013). Respondents without a bank account had higher MPCs, which was also expected based on
the assumption that people with bank accounts are generally wealthier, save more, and are less likely to exhibit
hand-to-mouth consumer behavior (DemirgUgzKunt, Klapper, Singer, Ansar, & Hess, 2018).

The slightly lower MPC of respondents who live outside of Lima Metro was an unexpected, although significant,
result. The authors assumed that people living in Lima Metro would have had lower MPCs due to factors like
more access to financial institutions, a higher probability to have bank accounts, and higher savings rates as
indicated by the survey responses. Considering possible causes, the authors believe that a lower cost of living
outside of Lima Metro could potentially be a reason. The subsidy represented a much smaller portion of average
income in Lima Metro than in rural areas and was therefore likely more impactful for rural recipients. The
standard subsidy payment of S/ 760 was equal to 112% of average monthly income in rural areas, however it was
just 44% of average income in Lima Metro (Instituto Nacional de Estadistica e Informatica, 2021).

The results support the assertion that subsidies were a good policy decision, as they provided much needed aid to
the beneficiaries. There is no indication from the surveys that the subsidies were wasted, as most was spent on
food. One critique is that the high average MPC (relative to similar studies in high-income countries) could hide
the fact that many more Peruvians could have benefitted from stimulus payments. The high average MPC shows
that each sol given out was used effectively to help people and stimulate the economy, but it does not show what
an additional sol could have done. Additional rounds of stimulus, larger payments, or payments open to larger
groups of the population may have lowered overall average MPC, but at the same time provided social
protection for many people who were missed by the enacted subsidy programs. Of note, the method the
Government of Peru uses to determine whether a home is in poverty or not could potentially be one of the
challenges that allows some vulnerable populations to be overlooked.
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Appendix
English translation of survey (Survey was originally written and carried out in Spanish)

1. Did you or a member of your household receive one of the first four subsidies for financial support in 2020 or 2021?
(YoMeQuedoEnCasa, Rural, Independiente, Familiar Universal)
a. Yes, me
b. Yes, a member of my household
c. No
2. What subsidy was received? (You may pick more than one)
a. YoMeQuedoEnCasa (two payments of S/ 380; S/ 760 in total)
b. Familiar Universal (S/ 760)
c. Rural (two payments of S/ 380; S/ 760 in total)
d. Independiente (S/ 760)
e. I don’t remember
3. In approximately what month and year did you receive the subsidy?
4. How much was the subsidy? (If you received more than one subsidy, please indicate the amount for each subsidy separately)
5. In the three months after receiving the subsidy, to what extent did you save or spend the money?
a. | spent all or almost all of the subsidy
b. I spent more than half of the subsidy
c. | saved more than half of the subsidy
d. I saved all or almost all of the subsidy
6. What did you mostly spend the subsidy on? (Select all options that apply)
a. Food
b. Utilities
c. Rent
d. Mortgage
e. Debt (credit card, loans, etc.)
f. Healthcare
g. Education
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h. Goods (clothing, footwear, things for the house, etc.)
i. Transportation or Travel
j. Other:
7. Of the amount received, how much did you spend in the first three months? (This can be for any type of expense. If you saved it
all, write 0, if you spent it all, write the amount you received)
8. Of the amount spent in the first three months, how much was spent in the repayment of debt?
9. How much money did your household have in savings before the COVID-19 pandemic began? (Approximately)
a. No savings
b. Less than S/ 1,000
c. Between S/ 1,000 and S/ 3,000
d. Between S/ 3,000 and S/ 10,000
e. More than S/ 10,000
10. Did you lose your job or did your income fall as a result of the pandemic?
a. Yes, | lost my job
b. Yes, my income fell
c. No, my income was not affected
d. No, I did not work before the pandemic
11. How did you receive the subsidy?
a. The payment was deposited directly in my bank account
b. I received the payment in The Bank of the Nation (Banco de la Nacicn)
c. | received the payment in my digital wallet from The Bank of the Nation (Banco de la Nacicn)
d. I received the payment via the program Cellular Bank from the Bank of the Nation (Banco Celular de Banco de la Nacicn)
e. | received the payment from a payment cart from The Bank of the Nation (Banco de la Nacicn carrito pagador)

f. Other:

12. Do you have a bank account? In what Bank?
a. Yes Which bank or banks:
b. No

13. Do you use credit or debit cards for your purchases?
a. No, | do not have a credit or debit card
b. No, | have a credit or debit card, but I don’t use it
c. Yes, but very rarely
d. Yes, in less than half of my purchases
e. Yes, in more than half of my purchases
f. Yes, | use them whenever possible
14. Do you use electronic payment methods like Yape, Plin, Paypal, or others?
a. Yes What payment method(s) do you use:
b. No
15. How many dependents do you have?
16. What is your gender?
a. Male
b. Female
c. Prefer not to respond
17. What is your age?
a. Less than 25
b. 25-34
c. 35-44
d. 45-54
e. 55-64
f. 65+
18. Department:
Province:
District:
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