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Abstract 

This research aims to investigate behavioral factors influencing the decisions of individual investors at the 
Securities Companies in Ho Chi Minh City, Vietnam. Data for this research was collated from 188 responses 
from individual investors, accounting for the response rate of 63%. There are five behavioral factors of 
individual investors at the Ho Chi Minh Stock Exchange: Herding, Market, Prospect, Overconfidence-gamble’s 
fallacy, and Anchoring-ability bias. Securities Companies may also use the findings of this research for better 
understanding on investors’ decision to give better recommendations to them. Stock prices then reflect their true 
value and Ho Chi Minh stock market becomes the yardstick of the economy’s wealth and helps enterprises to 
raise capital for business activities. 
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1. Introduction 

Stock market is a market where stocks are bought and sold (Zuravicky, 2005, p. 6; Luu, 2011). In an economy, 
besides playing the role of a source for financing investment, stock market also performs a function as a 
signaling mechanism to managers regarding investment decisions, and a catalyst for corporate governance 
(Samuel, 1996, p. 1). However, stock market is best known for being the most effective channel for company’s 
capital raise (Zuravicky, 2005, p. 6). People are interested in stock because of “long-term growth of capital, 
dividends, and a hedge against the inflationary erosion of purchasing power” (Teweles & Bradley, 1998, p. 8). 
The other feature that makes the stock market more attractive than other types of investment is its liquidity 
(Jaswani, 2008). Most people invest in stocks because they want to be the owners of the firm, from which they 
benefit when the company pays dividends or when stock prices increases (Croushore, 2006, p. 186). However, 
many people buy stocks for the purpose of control over the firms. Regularly, shareholders need to own specific 
amount of shares to be in the board of directors who can make strategic decisions and set directions for the firms. 
Vietnamese stock market has come into operation more than 10 years. It was just develop slowly from the 
speculative bubble in 2006–2007. The VN-index had an amazing fluctuation from 2006 to 2009. It was about 
300 points and reached highest historical peak (over 1100) points of VN-index in March 2007, then after the 
stock bubble burst in 2008 VN-index fell around 250–300 points at beginning of 2009 and VN-index is still 
around 350 points in 2011 (Vuong, 2011). The stock prices declined dramatically which was consequence of 
moving capital from stock market to the real estate market and caused withdrawal of numerous investors as the 
manifestation of effect of behavioral factors on investors’ decisions and reactions.  

To have an indepth insight into the investors’ decisions, there is a necessity to investigate which behavioral 
factors influencing the decisions of individual investors at the Securities Companies in Ho Chi Minh City. It will 
be useful for investors to understand common behaviors, from which justify their reactions for better returns. 
Securities Companies may also use the finding of this research for better understanding on investors’ decision to 
give better recommendations to them. Thus, stock prices will reflect their true value and Ho Chi Minh stock 
market becomes the yardstick of the economy’s wealth and helps enterprises to raise capital for business 
activities. The research needs to answer the following question: 

What is the behavior of individual investors in Vietnamese stock market? 
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2. Literature Review 

2.1 Definition on Behavior Finance 

“Behavior of investor is a part of behavior finance, which seeks to understand and predict systematic financial 
market implications of psychological decision processes. Behavior finance closely combines individual behavior 
and market phenomena and uses knowledge taken from both the psychological field and financial theory.” 
(Fromlet, 2001). 

2.2 Theories and Factors of Behavior Finance 

2.2.1 The Prospect Theory 

“Prospect theory, which was developed by Kahneman and Tversky (1979), is one of the most often quoted and 
best-documented phenomena in economic psychology. The theory states that we have an irrational tendency to 
be less willing to gamble with profits than with losses.” Tvede (1999, p. 166) prospect theory showed human 
behavior when they face with risk and uncertainly. In particular, people are prone to certainly, therefore people 
overweight on the outcomes that are perceived more certain than that are considered mere probable. This called 
certainly effect that human beings are not consistently risk-averse; rather they are risk-averse in gains but 
risk-takers in losses (Kishore, 2004). In other words, traders are most inclined to take subsequent risks if they 
have already experienced losses. By contrast, trader who have experienced profit, usually their exposure to the 
next risk. Therefore, people respond differently, depending on whether the choices are framed in terms of gains 
or in term of losses. The most famous example of framing effects was illustrated by Tversky and Kahneman 
(1981). 

Expected Utility Theory (EUT) and prospect theory are considered as two approaches to decision-making from 
different perspectives. Prospect theory focuses on subjective decision-making influenced by the investors’ value 
system, whereas EUT concentrates on investors’ rational expectations (Filbeck, Hatfield & Horvath, 2005, p. 
170–171). EUT is the normative model of rational choice and descriptive model of economic behavior, which 
dominates the analysis of decision making under risk. Nonetheless, this theory is criticized for failing to explain 
why people are attracted to both insurance and gambling. People tend to under-weigh probable outcomes 
compared with certain ones and people response differently to the similar situations depending on the context of 
losses or gains in which they are presented (Kahneman & Tversky, 1979, p. 263). Prospect theory describes 
some states of mind affecting an individual’s decision-making processes including Regret aversion, Loss 
aversion and Mental accounting (Waweru et al., 2003, p. 28). Regret is an emotion occurs after people make 
mistakes. Investors avoid regret by refusing to sell decreasing shares and willing to sell increasing ones. 
Moreover, investors tend to be more regretful about holding losing stocks too long than selling winning ones too 
soon (Forgel & Berry, 2006, p. 107; Lehenkari & Perttunen, 2004, p. 116).  

Loss aversion refers to the difference level of mental penalty people have from a similar size loss or gain 
(Barberis & Huang, 2001, p. 1248). There is evidence showing that people are more distressed at the prospect of 
losses than they are pleased by equivalent gains (Barberis & Thaler, 2003, p. 1077). Moreover, a loss coming 
after prior gain is proved less painful than usual while a loss arriving after a loss seems to be more painful than 
usual (Barberis & Huang, 2001, p. 1248). In addition, Lehenkari and Perttunen (2004, p. 116) find that both 
positive and negative returns in the past can boost the negative relationship between the selling trend and capital 
losses of investors, suggesting that investors are loss averse. Risk aversion can be understood as a common 
behavior of investor, nevertheless it may result in bad decision affecting investor’s wealth (Odean, 1998a, p. 
1899).  

Mental accounting is a term referring to “the process by which people think about and evaluate their financial 
transactions” (Barberis & Huang, 2001, p. 1248). Mental accounting allows investors to organize their portfolio 
into separate accounts (Barberis & Thaler, 2003, p. 1108; Ritter, 2003, p. 431). From own empirical study, 
Rockenbach (2004, p. 524) suggests that connection between different investment possibilities is often not made 
as it is useful for arbitrage free pricing. 

An important thing is that prospect theory is suggested an alternative model of expected utility theory following 
Von Neumann Morgenstern rationality. It differs from expected utility theory in a number of important respects. 
First, the value maximization the function of the prospect theory is value which is different from that of the 
value maximization function of expected utility theory is utility (Plous, 1993). This mean whereas wealth 
maximization of the prospect theory is values between gains and losses, rather than over the final wealth 
position as in expected utility theory. Moreover, the value function is normally concave for gains, commonly 
convex for losses, and is generally steeper for losses than for gains (Kahneman & Tversky, 1979). These 
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differences lead to several noteworthy results. Plous (1993) noted that because the value function for losses is 
steeper than that for gains, losses or loom larger than gains. For instance, a loss of 500 is felt more than a gain of 
500. 

2.2.2 Heuristics Theory 

Heuristics are defined as the rules of thumb, which makes decision making easier, especially in complex and 
uncertain environments (Ritter, 2003, p. 431) by reducing the complexity of assessing probabilities and 
predicting values to simpler judgments (Kahneman & Tversky, 1974, p. 1124). In general, these heuristics are 
quite useful, particularly when time is limited (Waweru et al., 2008, p. 27), but sometimes they lead to biases 
(Kahneman & Tversky, 1974, p. 1124; Ritter, 2003, p. 431). Kahneman and Tversky seem to be ones of the first 
writers studying the factors belonging to heuristics when introducing three factors namely representativeness, 
availability bias, and anchoring (Kahneman & Tversky, 1974, pp. 1124–1131). Waweru et al. also list two 
factors named Gambler’s fallacy and Overconfidence into heuristic theory (Waweru et al., 2008, p. 27). 

Representativeness refers to the degree of similarity that an event has with its parent population (DeBondt & 
Thaler, 1995, p. 390) or the degree to which an event resembles its population (Kahneman & Tversky, 1974, p. 
1124). Representativeness may result in some biases such as people put too much weight on recent experience 
and ignore the average long-term rate (Ritter, 2003, p. 432). A typical example for this bias is that investors 
often infer a company’s high long-term growth rate after some quarters of increasing (Waweru et al., 2008, p. 
27). Representativeness also leads to the so-called “sample size neglect” which occurs when people try to infer 
from too few samples (Barberis & Thaler, 2003, p. 1065). In stock market, when investors seek to buy “hot” 
stocks instead of poorly performed ones, this means that representativeness is applied. This behavior is an 
explanation for investor overreaction (DeBondt & Thaler, 1995, p. 390).  

The belief that a small sample can resemble the parent population from which it is drawn is known as the “law 
of small numbers” (Rabin, 2002, p. 775; Statman, 1999, p. 20) which may lead to a Gamblers’ fallacy (Barberis 
& Thaler, 2003, p. 1065). More specifically, in stock market, Gamblers’ fallacy arises when people predict 
inaccurately the reverse points which are considered as the end of good (or poor) market returns (Waweru et al., 
2008, p. 27). In addition, when people subject to status quo bias, they tend to select suboptimal alternative 
simply because it was chosen previously (Kempf & Ruenzi, 2006, p. 204). 

Anchoring is a phenomena used in the situation when people use some initial values to make estimation, which 
are biased toward the initial ones as different starting points yield different estimates (Kahneman & Tversky, 
1974, p. 1128). In financial market, anchoring arises when a value scale is fixed by recent observations. 
Investors always refer to the initial purchase price when selling or analyzing. Thus, today prices are often 
determined by those of the past. Anchoring makes investors to define a range for a share price or company’s 
income based on the historical trends, resulting in under-reaction to unexpected changes. Anchoring has some 
connection with representativeness as it also reflects that people often focus on recent experience and tend to be 
more optimistic when the market rises and more pessimistic when the market falls (Waweru et al., 2008, p. 28).  

When people overestimate the reliability of their knowledge and skills, it is the manifestation of overconfidence 
(DeBondt & Thaler, 1995, p. 389, Hvide, 2002, p. 15). Many studies show that excessive trading is one effect of 
investors. There is evidence showing that financial analysts revise their assessment of a company slowly, even in 
case there is a strong indication proving that assessment is no longer correct. Investors and analysts are often 
overconfident in areas that they have knowledge (Evans, 2006, p. 20).  

Overconfidence is believed to improve persistence and determination, mental facility, and risk tolerance. In 
other words, overconfidence can help to promote professional performance. It is also noted that overconfidence 
can enhance other’s perception of one’s abilities, which may help to achieve faster promotion and greater 
investment duration (Oberlechner & Osler, 2004, p. 3). If an investor overestimates his ability to generate 
information or to identify the significance of existing data that others neglect, he will underestimate his forecast 
errors; he will tend to be overconfident about the information he has generated but not about public signals. 
Thus the person who overestimates the precision of his own information signal instead of received publicly 
information signals is defined as an overconfident investors. The author of the above statement is Kent Daniel, 
David Hirshleifer and Avanidhar Subramanian (1998). People tend to think that they are better than they really 
are (Trivers, 1991). Both the psychology and the recent finance literature characterize people with this type of 
behavior as being “overconfident.” Studies in human behavior have shown that overconfidence is a major 
contributing factor to overtrading phenomenon of financial market participants. Barber and Odean (1999) 
attributed the high volume of trading to investors ‘overconfidence, in which makes investors believe their own 
judgment too definitely and not enough consider others’ assessment. The role of overconfidence in the trading 
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tendency of stock has been studied by Grinblatt and Keloharju (2006). They analyzed and found that 
overconfident investors tend to trade more frequently.  

Availability bias happens when people make use of easily available information excessively. In stock trading 
area, this bias manifest itself through the preference of investing in local companies which investors are familiar 
with or easily obtain information, despite the fundamental principles so-called diversification of portfolio 
management for optimization (Waweru et al., 2003, p. 28).  

2.2.3 Market Factor 

DeBondt and Thaler (1995, p. 396) state that financial markets can be affected by investors’ behaviors in the 
way of behavioral finance. If the perspectives of behavioral finance are correct, it is believed that the investors 
may have over- or under-reaction to price changes or news; extrapolation of past trends into the future; a lack of 
attention to fundamentals underlying a stock; the focus on popular stocks and seasonal price cycles. These 
market factors, in turns, influence the decision making of investors in the stock market. Waweru et al. (2008, p. 
36) identifies the factors of market that have impact on investors’ decision making: Price changes, market 
information, past trends of stocks, customer preference, over-reaction to price changes, and fundamentals of 
underlying stocks.  

Market efficiency (Luu, 2012a), in the sense that market prices reflect fundamental market characteristic and 
that excess returns on the average are leveled out in the long run, have been challenged by behavior finance. 
There have been the numbers of studies pointing to market anomalies that cannot be explained with the help of 
standard financial theory, such as abnormal price movements in connection with IPOs, mergers, stock splits and 
spin-off. Throughout the 1980s and 1990s statistical anomalies have continued to appear which suggests that the 
existing standard finance models are, if not wrong, probably incomplete. Investors have been shown not to react 
logically to new information but to be overconfident and to alter their choices when given superficial changes in 
the presentation of investment information (Olsen, 1998). During the few years there has, for example, been a 
media interest in technology stocks. Most of the time, as we know in retrospect, there was a positive bias in 
media assessments, which might have lead investors in making incorrect investment decisions. These anomalies 
suggest that the underlying principles of rational behavior underlying the efficient market hypothesis are not 
entirely correct and that we need to look, as well, at other models of human behavior, as have been studies in 
other social sciences (Shiller, 1998). 

Normally, changes in market information, fundamentals of the underlying stock and stock price can cause 
over/under-reaction to the price change. These changes are empirically proved to have the high influence on 
decision-making behavior of investors. Researchers convince that over-reaction (DeBondt & Thaler, 1985, p. 
804) or under-reaction (Lai, 2001, p. 215) to news may result in different trading strategies by investors and 
hence influence their investment decisions. Waweru et al. (2008, p. 36) conclude that market information has 
very high impact on making decision of investors and this makes the investors, in some way, tend to focus on 
popular stocks and other attention-grabbing events that are relied on the stock market information. Moreover, 
Barber and Odean (2000, p. 800) emphasize that investors are impacted by events in the stock market which 
grab their attention, even when they do not know if these events can result good future investment performance. 
Odean (1998a, p. 1887) explores that many investors trade too much due to their overconfidence.  

These investors totally rely on the information quality of the market or stocks that they have when making 
decisions of investment. Waweru et al. (2008, p. 37) indicate that price change of stocks has impact on their 
investment behavior at some level. Odean (1999, p. 1292) states that investors prefer buying to selling stocks 
that experience higher price changes during the past two years. Change in stock price in this context can be 
considered as an attention-grabbing occurrence in the market by investors. Additionally, Caparrelli et al. (2004, 
p. 223) propose that investors are impacted by herding effect and tend to move in the same flow with the others 
when price changes happen. Besides, investors may revise incorrectly estimates of stock returns to deal with the 
price changes so that this affects their investment decision-making (Waweru et al., 2008, p. 37).  

Many investors tend to focus on popular stocks or hot stocks in the market (Waweru et al., 2008, p. 37). Odean 
(1999, p. 1296) proposes that investors usually choose the stocks that attract their attention. Besides, the stock 
selection also depends on the investors’ preferences. Momentum investors may prefer stocks that have good 
recent performance while rational investors tend to sell the past losers and this may help them to postpone taxes. 
In contrast, behavioral investors prefer selling their past winners to postpone the regret related to a loss that they 
can meet for their stock trading decisions (Waweru et al., 2008, p. 30). Besides, past trends of stocks are also 
explored to impact the decision making behavior of the investors at a certain level by Waweru et al. (2008, p. 
37). In this concept, investors usually analyze the past trends of stocks by technical analysis methods before 
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deciding an investment.  

In general, market factors are not included in behavioral factors because they are external factors influencing 
investors’ behaviors. However, the market factors influence the behavioral investors (as mentioned above) and 
rational investors in different ways, so that it is not adequate if market factors are not listed when considering 
the behavioral factors impacting the investment decisions. Together with the research of Waweru et al. (2008), 
this research treats the market factors fairly as behavioral factors influencing the decisions of investors in the 
stock market. 

2.2.4 Herding Effect 

Herding effect in financial market is identified as tendency of investors’ behaviors to follow the others’ actions. 
Practitioners usually consider carefully the existence of herding, due to the fact that investors rely on collective 
information more than private information can result the price deviation of the securities from fundamental 
value; therefore, many good chances for investment at the present can be impacted. Academic researchers also 
pay their attention to herding; because its impacts on stock price changes can influence the attributes of risk and 
return models and this has impacts on the viewpoints of asset pricing theories (Tan, Chiang, Mason & Nelling, 
2008, p. 61). In the perspective of behavior, herding can cause some emotional biases, including conformity, 
congruity and cognitive conflict, the home bias and gossip. Investors may prefer herding if they believe that 
herding can help them to extract useful and reliable information. Whereas, the performances of financial 
professionals, for example, fund managers, or financial analysts, are usually evaluated by subjectively periodic 
assessment on a relative base and the comparison to their peers. In this case, herding can contribute to the 
evaluation of professional performance because low-ability ones may mimic the behavior of their high-ability 
peers in order to develop their professional reputation (Kallinterakis, Munir & Markovic, 2010, p. 306).  

In the security market, herding investors base their investment decisions on the masses’ decisions of buying or 
selling stocks. In contrast, informed and rational investors usually ignore following the flow of masses, and this 
makes the market efficient. Herding, in the opposite, causes a state of inefficient market, which is usually 
recognized by speculative bubbles. In general, herding investors act the same ways as prehistoric men who had a 
little knowledge and information of the surrounding environment and gathered in groups to support each other 
and get safety (Caparrelli et al., 2004, p. 223). There are several elements that impact the herding behavior of an 
investor, for example: overconfidence, volume of investment, and so on. The more confident the investors are, 
the more they rely on their private information for the investment decisions. In this case, investors seem to be 
less interested in herding behaviors. When the investors put a large amount of capital into their investment, they 
tend to follow the others’ actions to reduce the risks, at least in the way they feel. Besides, the preference of 
herding also depends on types of investors, for example, individual investors have tendency to follow the 
crowds in making investment decision more than institutional investors (Goodfellow, Bohl & Gebka, 2009, p. 
213).  

Waweru et al. (2008, p. 31) propose that herding can drive stock trading and create the momentum for stock 
trading. However, the impact of herding can break down when it reaches a certain level because the cost to 
follow the herd may increase to get the increasing abnormal returns. Waweru et al. (2008, p. 37) identify stock 
investment decisions that an investor can be impacted by the others: buying, selling, choice of stock, length of 
time to hold stock, and volume of stock to trade. Waweru et al. conclude that buying and selling decisions of an 
investor are significantly impacted by others’ decisions, and herding behavior helps investors to have a sense of 
regret aversion for their decisions. For other decisions: choice of stock, length of time to hold stock, and volume 
of stock to trade, investors seem to be less impacted by herding behavior. However, these conclusions are given 
to the case of institutional investors; thus, the result can be different in the case of individual investors because, 
as mentioned above, individuals tend to herd in their investment more than institutional investors. 

Previous studies report that investors decrease the selling decisions of assets that get a loss in comparison to the 
initial purchasing price, a trend called the “disposition effect” by Shefrin and Statman (1985, p. 778). Odean 
(1998b, p. 1795) confirms the same conclusion that individual investors tend to sell stocks which their values, in 
comparison to their original buying price, increase rather than sell the decreasing stocks. However, it is difficult 
to demonstrate this phenomenon in the rational ground. It is not really reasonable to conclude that investors 
rationally sell winning stocks because they can foresee their poor performance. Besides, Odean also recognizes 
that the average return of sold stocks is greater than that of the average return of stocks that investors hold on. 
Genesove and Mayer (2001, p. 19) state that investors who sell their assets at the price less than original 
purchase price usually expect the selling price is more than other sellers’ asking price. It is not only the 
expectation of the sellers, but also the correction of market decides the selling price: investors encountering a 
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loss often do the transaction at the relatively higher price than others. Coval and Shumway (2000, p. 3) find that 
investors, according to prospect theory, having gains (losses) in the first half of trading day tend to take less 
(more) risk in the second half of trading day. Grinblatt and Han (2001, p. 1) claim that the behavior of investors 
which is described as the disposition effect can be considered as a puzzling characteristic of the cross-section of 
average returns, called momentum in stock returns. In which, investors prefer selling a stock that has helped 
them to gain capital.  

The selling pressure can firstly slow down the stock price, and then create higher returns. In contrast, if the 
stockholders are experiencing capital losses, they may merely make decision of selling when an expected price 
is given. In this case, the price may be initially increased, leading to lower returns later.  

Odean (1999, p. 1293) provides several understandings about the preferable stocks that individual investors 
would like to buy. As mentioned above, selling decisions mainly prioritize winning stocks; whereas, buying 
decisions are related to both prior winning and losing stocks. Odean states that the buying decisions may be a 
result of an attention effect.  

When making a decision of stock purchase, people may not find a good stock to buy after considering 
systematically the thousands of listed securities. They normally buy a stock having caught their interest and 
maybe the greatest source for attention is from the tremendous past performance, even good or bad.  

According to Barberis and Thaler (2003, p. 1103), individual investors seem to be less impacted by 
attention-grasping stock for their selling decisions because the selling decision and the buying decision are 
differently run. Because of short-sale restraints, when deciding to choose a stock for selling, they can only focus 
on the stocks that currently belong to them. Whereas, with a buying decision, individuals have a lot of chances 
to choose the wanted stocks from the wide range of selective sources, this explains why factors of attention 
impact more on the stock buying decisions than the selling decisions.  

Barber and Odean (2002, p. 2) already prove that the selling decisions are less determined by attention than 
buying decisions in case of individual investors. To give this conclusion, they create the menu of 
attention-grasping stocks with several criteria: unusually high trading volume stocks, abnormally high or low 
return stocks, and stocks including news announcements. Eventually, the authors explore that the individual 
investors in their sample are more interested in purchasing these high-attention stocks than selling them. As such, 
from the viewpoints of behavioral finance, the investor behaviors impact both selling and buying decisions at 
different levels, and then they also impact the general returns of the market as well as the investment 
performance of individuals. 

As mentioned in the literature review above, it is that behavioral factors impact the investment decisions of 
investors in the financial markets, especially in the stock markets. This study explores the influence levels of the 
behavioral variables on the individual investors’ decisions and at the Ho Chi Minh stock market, as in the 
following research model.  

 

 
Figure 1. The research model of behavioral factors of individual investors 

 

3. Research Methodology 

3.1 Research Method 

In general, theory is built and tested based on two different approaches: induction and deduction. When 
deductive approach is employed, researchers start with the existing theory and logical relationships among 
concepts, and then continue to find empirical evidences. In contrast, in inductive research, theory is developed 
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from the observations of empirical reality and researchers infer the implications of the findings for the theory 
that prompted the research (Ghauri & Gronhaug, 2010, p. 15-16; Saunder et al., 2009, p. 124-126; Blumberg et 
al., 2005, p. 22-24; Bryman & Bell, 2007, p. 11). 

In this research, exploring the behavioral factors influencing the decision making of investors, which are already 
“out there”, is the main aim, instead of inferring and building theory, deduction approach seems to be the most 
appropriate choice. The study starts with reviewing the behavioral finance theories in general and in stock 
market in particular, to get the theoretical and conceptual context as well as empirical findings of previous 
researches, from which the research model is proposed. Then, the questions used in questionnaires are prepared. 
This process is quite consistent with deductive approach which emphasizes that researchers may know how the 
world operates, thus using this approach to examine these ideas against “hard data” (Neuman & Kreuger, 2003, 
p. 53). Deductive approach is usually associated with quantitative researches, which involve collecting of 
quantitative or quantifiable qualitative data and analyzing statistical methods, which is also compatible with 
quantitative research strategies (Bryman & Bell, 2007, p. 11-13) albeite the quantitative approach used in this 
emprical research does not allow for an analysis of the deepest level of the constructs (Luu, 2011; Luu, 2012b; 
Luu, 2013a; Luu, 2013b; Luu, 2013c).  

3.2 Sample 

As the research aims at exploring the behavioral factors at the HOSE, a relative large sample size is 
recommended. The larger sample size is, the more representative it can be, thus, the more reliable result is 
(Saunders et al., 2009, p. 219). Nevertheless, the sample size depends on researchers’ available resources 
including time, finance and human (Saunders et al., 2009, p. 212). Hair, Black, Babin, Andersion and Tatham 
(1998, p. 111) suggest that with quantitative research, at least 100 respondents should be studied in order to have 
fit the statistical methods of data analysis.  

Questionnaires were delivered directly to individual investors. The security companies are randomly chosen 
among all the security companies in Ho Chi Minh City. From 300 questionnaires were sent to individual 
investors. 188 responses in complete forms were returned, accounting for the response rate of 63%, a moderate 
high rate for a postal questionnaire survey (Luu, 2010; Luu, 2011; Luu, 2013d). 

3.3 Instrument 

The 18-item questionnaire in Vietnamese version were based on the theories of behavioral finance: Heuristic 
theory, Prospect theory, and other theories about impacts of behavioral factors on investors’ decision-making, as 
highlighted in Waweru et al. (2008, p. 24–38). The 6-point Likert scale, which are rating scale widely used for 
asking respondents’ opinions and attitudes (Fisher, 2010, p. 214), is utilized to ask the individual investors to 
evaluate the degrees of their agreement with the impacts of behavioral factors on their investment decision as 
well as with the statements of investment performance. The 6 points in the scale are respectively from 1 to 6: 
extremely disagree, highly disagree, somewhat disagree, somewhat agree, highly agree, and extremely agree, the 
dimensions of the questionnaire are displayed in Table 1. 

 

Table 1. Dimensions of individual investor’ behavior 

Dimensions Behavioral factor Questions 

Heuristic 

Representativeness 

Overconfidence 

Anchoring 

Questions 1-2 

Question 3 

Questions 4-5 

Prospect 

Loss aversion 

Regret aversion 

Mental accounting 

Questions 6-7 

Questions 8-9 

Question 10 

Market 

Prices change 

Over-reaction 

Market information 

Past trend of stock 

Customer preference 

Question 11 

Question 12 

Question 13 

Question 14 

Question 15 

Herding 

Following the others’ 

trading actions (buying and selling, 

choice of stock, volume of stock, 

and speed of herding) 

Questions 16-18 
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Data for this study was primary collected through a survey in form of a questionnaire. Primary data refers to 
data, which is collected for a specific purpose and which is required in order to complement secondary data 
(Wiedersheim-Paul & Eriksson, 1997). Self-completion questionnaire seems to be one of the most common 
methods of quantitative researches. With a self-completion questionnaire, respondents answer questions by 
completing the questionnaire themselves. This method is chosen for some reasons. The first reason is that as the 
research questions are defined clearly, questionnaire is the best choice to have standardized data, which is easily 
to process, and analyze. Especially, as no interviewers are present when the questionnaires are completing, the 
results may not be affected by the interviewers (Bryman & Bell, 2007, p. 241). Moreover, it is cheaper than 
other methods (Bryman & Bell, 2007, p. 241). Furthermore, this method helps to save time (Bryman & Bell, 
2007, p. 241) so hundreds questionnaires can be sent out in one batch. As the respondents are investors, they 
may not have much time for interviews, thus, questionnaires may make them feel more comfortable because 
they can do it whenever they have free time. Questionnaires also are more convenient for respondents in case 
they need to provide some sensitive information, in other words; they tend to be more honest than in an 
interview (Bryman & Bell, 2007, p. 242).  

3.4 Data Analysis Method 

In this research, the collected data were processed and analyzed by SPSS software. At first, the data were 
cleaned by removing the questionnaire with poor quality such as including too many missing values or bias 
ratings. Then, statistical techniques include Factor Analysis, and Cronbach’s Alpha test. The reliability of each 
construct and its specific dimensions was appraised using Cronbach’s a coefficients (Luu, 2010; Luu, 2012a). 

4. Findings and Discussion 

4.1 Factor Analysis of Behavioral Variables Influencing the Individual Investor 

The questions from 1 through 18 of the questionnaire, which are coded from X1 to X18, are designed to explore 
the levels of behavioral dimensions’ impacts on the individual investment decisions at the HOSE (Luu, 2011). 
The exploratory factor analysis (EFA) is used for the behavioral variables (X1 to X18) to identify the factors 
which these dimensions belong to. After some rounds of removing the unsuitable variables including (X1, X2, 
X4, X6, X9, X12, X15), the analysis results that the remaining dimensions are grouped into five factors of 
behavioral dimensions, at the Eigenvalue = 1.107, KMO = 0.746 (sig. = 0.000), % of total dimension explained 
= 61.11%, and all factors loadings are more than 0.5. These indexes prove that factor analysis for these 
dimensions is totally suitable and accepted. The result is presented in the Table 2. 

 

Table 2. Factor analysis 

Factors Questions 
Factor loading 

F1 F2 F3 F4 F5 

Herding X16: Other investors' decisions of the stock 

volume have impact on your investment 

decisions. 

.854     

X17: Other investors’ decisions of buying and 

selling stocks have impact on your investment 

decisions. 

.873     

X18: You usually react quickly to the changes 

of other investors’ decisions and follow their 

reactions to the stock market. 

.697     

Prospect X7: After a prior loss, you become more risk 

averse. 

  .862   

X8: You avoid selling shares that have 

decreased in value and readily sell shares that 

have increased in value. 

  .505   

X10: You tend to treat each element of your 

investment portfolio separately. 

  .826   

Market X11: You consider carefully the price changes 

of stocks that you intend to invest in. 

  . .794  

X13: Market information is important for your 

stock investment. 

   .773  
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X14; You put the past trends of stocks under 

your consideration for your investment. 

   858  

Overconfident X3: You believe that your skills and knowledge 

of stock market can help you to outperform the 

market. 

 .655    

Anchoring X5: You forecast the changes in stock prices in 

the future based on the recent stock prices. 

  .805   

 
As shown in the Table 2, there are five behavioral factors that impact on the individual investors at the Ho Chi 
Minh Stock Exchange. In the herding factor, all three original dimensions from the questionnaire (questions 
from 16 to 18 which are coded as X16 to X18) are kept after the factor analysis. Three items of market 
(questions 11, 13, 14) and three prospect items (questions 7, 8, 10) are accepted by factor analysis. Whereas, 
only two dimensions of heuristic (questions 3, 5) after the analysis and are divided into two groups: 
overconfidence-gamble’s fallacy and anchoring-ability bias. 

This finding has just a little difference from the literature review, which expects that the behavioral variables are 
theoretically formed into four groups: herding, prospect, market, and heuristic. It means four factors as the 
reviewed theories: Heuristics, Prospect, Market, and Herding are tested by exploratory factor analysis to identify 
which dimensions the behavioral variables belong to. 

4.2 Cronbach’s Alpha Test for Items of Factors 

This test is conducted to ensure that the measurements are reliable for further. The results of Cronbach’s alpha 
test are shown in the Table 3. 

 

Table 3. Cronbach’s Alpha test for items of factors 

Factors Variables Cronbach’s Alpha

Corrected 

Item-total 

Correlation 

Cronbach’s alpha 

if Item deleted 
F(sig.) 

Overconfident 

Anchoring 

X3 

X5 

.63 

.61 

.39 

.36 

- 

- 

52 (0.000) 

16 (0.000) 

Prospect 

X7 

X8 

X10 

.63 .44 

.39 

.49 

.54 

.57 

.51 

21 (0.000) 

Market 

X11 

X13 

X14 

.74 .55 

.56 

.55 

.65 

.64 

.65 

2 (0.05) 

Herding 

X16 

X17 

X18 

.88 .77 

.72 

.60 

.79 

.81 

.79 

24 (0.000) 

 
Table 3 presents that Cronbach’s Alpha indexes of all factors are greater 0.6, and the corrected item-total 
correlation of all items are more than 0.30. Besides, Cronbach’s alpha of each factor if deleted is less than the 
factor’s Cronbach’s Alpha, as well as the significant of F test for each factor, a kind of test to make sure the 
suitability of using Cronbach’s Alpha technique for the data, is less than 0.05. These indexes show that items 
included in the factors: Herding, Prospect, Market, Overconfidence, and Anchoring. 

4.3 Evaluation of Behavioral Factors  

Because 6-point scales are used to measure the impact levels of these variables, the mean values of these 
variables can decide their impact levels on the investment decision as the following rules:  

 Mean values are less than 2 shows that the variables have very low.  

 Mean values are from 2 to 3 shows that the variables have low.  

 Mean values are from 3 to 4 shows that the variables have moderate.  

 Mean values are from 4 to 5 shows that the variables have high.  

 Mean values are more 5 shows that the variables have very high.  
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4.4 Impacts of Heuristic Variables on the Investment 

 

Table 4. Impacts of heuristic variables on the investment 

Factors Variables Mean Std. Deviation 

Overconfidence X3: You believe that your skills and knowledge of 

stock market can help you to outperform the market. 
3.66 1.15 

Anchoring X5: You forecast the changes in stock prices in the 

future based on the recent stock prices. 
3.49 1.24 

Note: Overconfidence has moderate impact (mean = 3.66).  

 

As Table 4 shown the individual investors at the HOSE have the degree of confidence at the moderate level. It 
can be explained that Vietnam security market is emerging so its trend fluctuates complexly. It can go up or 
down regardless the performances of the listed companies that issue the stocks. For example, during 2006–2007 
or 2008–2009, prices of all stocks increased although some companies were not profitable, whereas, recently, 
stocks of profitable companies continue to decrease. In the discussions of this point, the investors could not 
predict the market trend and failed to jump into and out of the market timely; they certainly feel less confident of 
their decisions. This finding does not strongly support the studies of Allen and Evans (2005, p. 108), Gervais, 
Simon and Odean (2001, p. 1) which suggest that people usually believe in their skills and knowledge to 
outperform the market. It also does not strongly support the studies suggesting that Asian people tend to be more 
overconfident than European or American people (Yates et al., 1997, p. 94). In other words, the investors at the 
HOSE need to be more confident to have the effective decisions for their investment. 

Anchoring has moderate impact (mean = 3.49). 

In terms of anchoring, its moderate impact (mean = 3.49) shows that there are two schools of forecasting the 
future stock prices for the investment decision making. One of them depends on recent price to forecast future 
prices while the other is not affected by the recent price. This reflects the status quo of Vietnam market that 
many people use techniques to analyze and predict the changes of stock prices in the future based on the 
previous prices while others prefer other information rather the price, which can be available information as 
stated previously. This can be explained that the high and unexpected fluctuations of stock price trend at the 
HOSE make the investors to think of the more reliable ways to predict the changes of stock prices than the 
prices that they experienced in the past. 

4.5 Impacts of Prospect Variables on the Investment 

 

Table 5. Impacts of Prospect Variables on the investment 

Factors Variables Mean Std. Deviation 

Prospect 

X7: After a prior loss, you become more risk averse. 3.83 1.28 

X8: You avoid selling shares that have decreased in value and readily 

sell shares that have increased in value. 
3.76 1.29 

X10: You tend to treat each element of your investment portfolio 

separately. 
4.12 1.17 

Note: Mental accounting has high impact-highest among prospect variables (mean = 4.12).  

 

As Table 5 shows that among three prospect factors (loss aversion, regret aversion, mental accounting), mental 
accounting ranks as the variable having the highest impact on the decision making of the investors at the HOSE. 
This result confirms that investors tend to treat each element of investment portfolio separately. 

Loss aversion has moderate impact (mean = 3.83). 

In terms of loss aversion, the result demonstrates that to some extent, after a gain, the investors at the HOSE 
become more risk seeking whereas after a loss, they tend to be more risk averse. These are normal reactions of 
investors because the prior investment success encourages them so much whereas the failure surely depresses 
them a lot. However, loss aversion is not always a good strategy because of the principle “high risk–high return”. 
Odean (1998a, p. 1899) also argues that loss aversion may produce bad decisions, which influences investors’ 



www.ccsenet.org/ijbm International Journal of Business and Management Vol. 9, No. 1; 2014 

11 

wealth. 

Regret aversion has moderate impact (mean = 3.76).  

Similar to loss aversion, regret aversion has a moderate effect on the investors at the HOSE. Although the 
impact is not high, it infers that Vietnamese investors seem to be more willing to sell shares increasing in value 
than decreasing ones. As an explanation, at a security company asserts that Vietnamese people do not have good 
investment strategies; moreover, they may not have the acceptable ranges for profit and loss. Many people think 
that they do not lose until they sell the losing stocks, thus, they refuse to sell them although selling may be the 
best solution at this time. 

4.6 Impacts of Market Variables on the Investment 
 
Table 6. Impacts of market variables on the investment 

Factors Variables Mean Std. Deviation 

Market 

X11: You consider carefully the 
price changes of stocks that you 
intend to invest in. 

4.57 1.16 

X13: Market information is 
important for your stock 
investment. 

4.65 1.08 

X14; You put the past trends of 
stocks under your consideration 
for your investment. 

4.41 1.09 

Note: Market variables–high impacts (mean from 4 to 5). 

As in the Table 6, market factor has the highest influences on the investment decision of the investors at the 
HOSE with the means of market variables from 4 to 5. The individuals tend to consider the information of stock 
market: general information, past trends of stock price and current stock price changes carefully before making 
their investment. The standardized deviations of these variables, which are relatively high in comparison to the 
mean values, show that there may be some investors strongly focusing on the market variables whenever they 
decide to invest in stocks. In this case, market factor include the market information (about the customers, 
company’s performance, and so on), the price changes of stocks in the market, and the past trends of stocks. 
These market variables are important to the investors and usually taken under their considerations for the 
making investment decisions. The high influences of market variables can be linked to the respondents’ profiles, 
which show that most of them have been attended training courses investment. Therefore, they understand the 
importance of market information to the price movement as well as the importance of technical analysis in 
forecasting. 

4.7 Impacts of Herding Variables on the Investment 

 

Table 7. Impacts of herding variables on the investment 

Factors Variables Mean 
Std. 

Deviation 

Herding 

X16: Other investors' decisions of the stock volume have impact on your investment decisions. 3.49 1.14 

X17: Other investors’ decisions of buying and selling stocks have impact on your investment 

decisions. 
3.46 1.07 

X18: You usually react quickly to the changes of other investors’ decisions and follow their 

reactions to the stock market. 
3.95 1.05 

Note: Herding variables–moderate impacts (mean from 3 to 4). 

 
As in the Table 7, it is found that the herding variables’ impact on the investors at the HOSE, which is assumed 
high, is moderate only. This finding does not strongly support the researches of Farber, Nguyen and Vuong 
(2006, p. 17) and Tran (2007, p. 23–25), which suggest that the herding effect in Vietnam stock market is very 
strong, especially toward positive return of the market. This moderate impact of herding factor can be explained 
as Vietnam stock market has been run for over ten years, so that investors may now have more knowledge and 
skills to make use of different information from different sources before making investment decision; hence, the 
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herding effect has been decreased. However, Vietnam stock market has not yet developed and been mature, so 
that the existence of herding at moderate level is a certain occurrence. 

5. Conclusion 

There are five behavioral factors of individual investors at the Ho Chi Minh Stock Exchange (Luu, 2011): 
Herding, Market, Prospect, Overconfidence-gamble’s fallacy, and Anchoring-ability bias. The herding factor 
includes behavioral dimensions: following the decisions of the other investors (buying and selling, choice of 
trading stocks, volume of trading stocks). The market factor consists of dimensions: price changes, market 
information. The prospect factor consists of dimensions: loss aversion, regret aversion, and mental accounting. 
The heuristic dimensions are grouped into two factors: overconfidence-gamble’s fallacy and anchoring-ability 
bias. Recommendations given to investors are that they should consider carefully before investment, but should 
not care too much about the prior loss for later investment. Besides, the investors should not reduce their regret 
in investment by avoiding selling decreasing stocks and selling increasing ones. 

This research is an investigation into individual investors, not institutional investors. The research just chose 
sample randomly in Ho Chi Minh, not for Ha Noi stock market. It is necessary to have further research studies 
to confirm the findings of this research with the larger sample size and the more diversity of respondents (Luu, 
2012c; Luu, 2013e). The further research studies are also suggested to apply behavioral finance to explore the 
behavioral factors of institutional investors at the Stock Exchanges of Vietnam. Ethics should also be included 
into behavioral factors of institutional investors (Luu, 2012b; Luu, 2012d), especially those in industries in 
which ethics of stakeholders play a crucial role such as healthcare services (Luu, 2012e; Luu, 2012f; Luu, 
2012g). The impact of corporate governance (Luu, 2011; Luu, 2012d; Luu, 2013b; Luu, 2013e) and corporate 
social responsibility (Luu, 2012d; Luu, 2012g; Luu, 2013a; Luu, 2013c) on behavioral factors of institutional 
investors can attract researchers as well. The relationship between behavioral factors of institutional investors 
and marketing effectiveness and brand performance can be another interesting research avenue (Luu, 2012a; 
Luu, 2012g; Luu, 2013f; Luu, 2012i). Behaviors of institutional investors as an important stakeholder group also 
can create sense of urgency for higher level of organizational change (Luu, 2012f; Luu, 2013d) and learning 
(Luu, 2012h; Luu, 2013g).  
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