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Abstract 
E-learning technology adoption has become, during the COVID-19 pandemic, an essential requirement and a 
new trend to manage the academic activities in the universities which follow traditional education (Face-to-Face 
Classroom). Because of the significant effect of coronavirus pandemic on the educational Process, this study's 
primary purpose is to gain an insight into the factors affecting the students' acceptance and their intentions to 
adopt an e-learning system in the faculty of business at Tafila university in Jordan. A total number of 257 
students with different college disciplinary took part in the study by engaging via a survey distributed as a link 
by WhatsApp, E-mail, and Thuraya Platform. The study formulated a model based on a UTAUT of (Venkatesh et 
al., 2003) and suggested a new two moderating factors (study qualification level and scientific disciplinary) after 
drop two variables from the original model to make the model applicable in the context of a study. The data 
collection analyzed by smart PLS revealed that the research model constructs have positive explanatory power of 
the student's behavioral intention to adopt an e-learning system and improved after the moderating effect. Final 
result Sof this study states that the scientific discipline is a critical moderating factor that moderated the 
behavioral intentions to adopt e-learning technology from Tafila university students' viewpoint and accepted the 
new situation of academic activities with behavioral intentions to adopt e-learning.  
Keywords: E-learning technology, UTAUT model, Study qualification level, Scientific disciplinary, and 
COVID-19 
1. Introduction 
The COVID-19 pandemic poses a significant challenge to manage the education process, whether theoretical 
or/and practical nature (Ratten & Jones, 2020). It has been a surprise shock, especially to the traditional 
education institutions, due to the availability of the infrastructure for e-learning systems and their compatibility 
with academic and students' needs. Besides that, this pandemic made the e-learning system a critical requirement 
for completing academic and educational activities at all educational institutions and those that adopt traditional 
teaching and learning (face-to-face classroom). Despite the obstacles and problems that face transforming the 
electronic system, the academic activities adaptation with the new trends of COVID-19 become necessary mater 
to mitigate this crisis's effect. Although in many cases, the transformation may not meet the content of the 
academic needs, especially those that need practical workshops or quantitative and mathematical processes that 
are difficult to deal with distance, even if they are subject to blended learning.  
The study's theoretical and practical objectives are to diagnose and evaluate the factors affecting students' 
acceptance of e-learning technology at Tafila university in Jordan and explore their behavioral intentions in 
adopting e-learning within and after the current situation of a pandemic. The unified theory of acceptance and 
technology (UTAUT) is used due to its the most popular model to study technology acceptance. It focuses on the 
technology factors for IT's successful implementation (ALMaiah et al., 2019). Besides that, many citations to the 
original paper introduced the theory evidence (Venkatish et al., 2016), which stated that the behavioral intent is a 
construct recommended by previous studies related to e-learning models (Ifinedo et al., 2018). Besides, this 
model can be used for individual behavior determination in the context of electronic commerce (Venkatish et al., 
2012) (Salloum et al., 2019).  Based on these objectives, this study is expected to provide a theoretical and 
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practical contribution related to the acceptance of e-learning technology under the conditions of COVID-19 in 
the business faculties. 
2. Conceptual Framework and Literature Review 
Information technology plays a vital role in e-learning environments and a critical enabler and effective way to 
manage change (Liu et al., 2017). Therefore, e-learning has rapid growth to support students' active academic 
across the techniques and applications that meet all education needs. E-learning means delivered course 
materials over the Internet or Intranet (Punnoose, 2012). E-learning encompasses a range of activities such as 
information communication technologies (ICTs) in supporting learning and teaching, blended learning, and 
acquiring skills and knowledge entirely by using the internet (Budu et al., 2018). Therefore, all e-learning 
Platforms represent a new additional knowledge of the higher education institutions; they are systems based on 
formal learning with electronic resources' assistance (Yu & Jo, 2014). Spanjers and his colleagues (2015) define 
e-learning as distance education to reduce classroom time and maximize the benefit of the education process and 
content enjoyment. It is an opportunity to manage academic and educational activities (Hone & EI Said, 2016). It 
is suitable for higher education students, especially those with experience in using technology that meets their 
needs (Tawafak et al., 2020). Sholihin and his colleagues (2020) stated virtual-reality-based media make the 
learning process motivating, enjoyable and increases perceived learning effectiveness and the level of ethical 
efficiency of individuals by increasing their self-efficacy. The e-learning process's success depends on critical 
factors in online delivery: technology, the instructor, and the previous use of technology from a student's 
perspective (Volery & Lord, 2000). Costa and Silva (2010) stated three fundamental pillars: the ease of delivery 
course material content, the student, and the essential part of the system. In other words, e-learning systems need 
effective communication channels and innovative methods to measure academic activities' effectiveness, 
ensuring students' motivation to accept the e-learning system and motivate their behavioral intentions to adopt it. 
Based on the above concepts, there are many studies conducted in this field; Chen (2011) showed that both 
technological expectancy and educational compatibility are essential determinants of e-learning acceptance. Still, 
the academic compatibility reveals a more significant total effect on e-learning acceptance than four constructs. 
Adwan and Smedley (2013) concluded that the TAM model could be employed as a practical, theoretical base to 
predict users' intentions to use e-learning. Abubakar and Ahmad (2015) confirmed that Performance Expectancy, 
Social Influence, and Facilitating Conditions have a significant positive relationship with BI to use technology 
and moderated by technology awareness. Evans and Roux (2015) found UTAUT proved more successful in its 
predictive accuracy of the constructs model of the student's behavioral intention to adopt the e-learning system. 
Koc and his colleagues (2016) showed an influential exogenous role of context and a strong positive relationship 
among perceived ease of use, perceived usefulness, trust to e-learning, and Chauhan and Jaiswal (2016) conform 
of the more robust connection for females. Whereas Lakhal & Khechin (2016) revealed that performance 
expectancy and social influence positively impact behavioral intentions, Omerogbe and others (2017) show that 
Attitude, Social Influence, and technology culturation are healthily determining factors for adopting an 
e-learning management system. Wu and Chen (2017) mentioned that the perceived usefulness and ease of use of 
e-learning systems significantly affect students' behavioral intentions in the continuity of using the system and 
indicate teacher's and student's motivation to obtain the system's benefits.  
Salloum and Khaled (2018) mentioned that social influence, performance expectancy, and facilitating conditions 
important impacted behavioral intentions to use e-learning and led to a successful e-learning system. Sutherland 
and his colleagues (2019) confirmed that the lectures and seminars involving direct student-teacher contact time 
are the most important determinant of satisfaction. Meskhi and others (2019) mentioned that the efficiency of 
e-learning in higher inclusive education depends on the systemic institutional environment, which formed both at 
the level of the state and the level of a particular university. Garone and others (2019) investigated the university 
teaching staff's technology acceptance profiles using the UTAUT predictor variables as clustering variables. This 
model will facilitate decision-making and guidelines for the design of institution-wide professional development 
initiatives targeted towards the needs of specific groups of university teaching staff. Abusalim his colleagues 
(2020) stated that student satisfaction with blended learning is related to the teacher training and IT infrastructure 
for blended learning strategies. Welch and colleagues (2020) noted that the UTAUT model constructs are 
significant determinants of behavioral intention to use Mobile Learning and found age and gender moderate the 
relationship between the UTAUT constructs. Han and Conti (2020) concluded that UTAUT and PAM models' 
emerge constructs could predict and explain social telepresence robots' acceptance in social contexts. Therefore, 
computer self-efficacy has a positive impact on perceived ease of use (PEOU), but (PEOU) has no significant 
effect on students' attitudes (Ho et al. 2020). The current study benefits from the cognitive contributions of prior 
studies to enrich the conceptual and practical framework of the study to analyze the students' behavior intention 
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to adopt distance learning technology; besides that, this study is distinct from the previous works because it's 
done in light of the coronavirus pandemic. 
3. Methodology and Model Specification 
3.1 Statement of Problem 
Ratten and Jones (2020) confirmed that because of the COVID 19, a greater need now more than ever to embed 
an entrepreneurial spirit in the education sector and help focus on the positive benefits of finding solutions for 
the pandemic crisis. Nicola et al. (2020) mentioned that the COVID-19 pandemic could transform management 
education, and realize this potential management education needs to evaluate its epistemological foundation to 
challenge existing paradigms critically. COVID-19 crisis imposed an exceptional situation on all traditional 
education sector institutions, general, and higher education in specific, disrupting face-to-face learning and 
shifting to distance learning. This transformation has generated a problem of academic educational activities in 
most public and private universities regarding the adapt their activities to the new situation of e-learning, in light 
of the absence of other options to complete the academic year requirements. There are obstacles to harmonizing 
the content and context of educational resources and e-learning platforms' diversity. The needs training programs 
to develop and improve communication effectiveness between the faculty's members and students in the business 
faculty's disciplinaries. Based on that, this study tries to answer two questions that were formulated, as follows:  
1- What are the determinants of student's acceptance of e-learning technology at Tafila university?  
2- Does gender, age, study qualification level, and scientific disciplinary have a moderating effect on the factors 
that determine students` behavior intentions of Tafila university to adopt e-learning? 
3.2 Model Specification of Study 
To answer the study questions and understanding students` behavioral intentions for adopting e-learning 
technology, the unified theory of technology acceptance and use (UTAUT) presented by Venkatesh et al. (2003) 
is the most comprehensive as it serves as a base-line model and has been applied to the study of a variety of 
technologies related to the acceptance and use of technology (Venkatish et al., 2012). The UTAUT model 
includes a combination of four constructs nominated from eight models of e-learning technology acceptance and 
behavioral intent to adopt it (TAM, TAM2, IDT, TPB, TRA, TM, SCT, and Combined TAM & TPB), these are 
Performance Expectancy (PE), Efforts Expectancy (EE), Social Influence (SI), and Facilitating Conditions (FC) 
(Welch et al., 2020). Based on the theoretical background of the unified theory of acceptance and use of 
technology (UTAUT) and the previous discussion, the researchers made some modifications to the model 
regarding the moderating factors shown in figure 1. The current study model dropped experience and 
voluntariness as a moderating variable and replaced them with qualification level and scientific disciplinary. This 
modification is necessary to make the theory model applicable in the content and context of the COIVD 19 
situation and health procedures that do not permit all Jordan universities to continue with traditional education. 
Thus, the voluntariness variable of using the e-learning system is inapplicable due to the student behaviors are 
not voluntary to use this system. It replaced the experience variable due to the study's focus to survey the 
business faculty's scientific disciplinaries that consider technology as assistant tools. So, there will not be 
variance in the voluntariness and experience variables between students.  

 

3.3 Hypotheses of the Study 
Based on the study model, formulating the following hypothesizes:  
H1:  Impact of performance expectancy on student's behavioral intention to adopt e-Learning technology will be 
moderated by gender, age, study qualification level, and scientific disciplinary. 
H2 impact of effort expectancy on students' behavioral intention to adopt e-Learning technology will be 
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moderated by gender, age, study qualification level, and scientific disciplinary. 
H3 impact of social influence on students' behavioral intention to adopt e-Learning technology will be 
moderated by gender, age, study qualification level, and scientific disciplinary. 
H4 Impact of Facilitating conditions on students' behavioral intention to adopt e-Learning technology will be 
moderated by age, scientific disciplinary, and study qualification. 
3.4. Population and Study Sample 
The study population consisted of all students of business colleges in the Jordanian government universities of 
the southern region of the Hashemite Kingdom of Jordan, which three universities. The study sample was chosen 
based on the facilitated sample method and consisted of the College of Business students, Tafila Technical 
University.  
3.5 Data Collection 
Questionnaires were designed to the five-point Likert scale and included (30) questions concerning the study 
model's constructs. It is subjected to refereeing by academic experts to verify its scientific integrity and was 
modified according to their observations. Engaged Participants were via an online Google survey distributed as a 
link by students' e-mail, WhatsApp, and Thuraya Platform of the university, which considers the survey sampling 
with obligation answers with (*) in each question. The study was distributed (300) questionnaire, (270) retrieved, 
and (14) were excluded due to invalid for analysis. Consequently, the valid questionnaires to analysis became 
(256) with (94%) of the retrieved questionnaires. Table (1) shows the study sample's demographic characteristics 
regarding (gender, age, academic level, the student's academic year, and scientific disciplinary). 
 
Table 1. Demographic characteristics of the study sample 

 Category Frequency Percentage 
Gender Male 96 37.5 

Female 160 62.5 
Total 256 100%  

Age Less than 20 years 35 13.7 
20-24 years 172 67.2 
25-29 years 35 13.7 
More than 30 years 14 5.5 
Total 256 100%  

Study qualification level   
(SQL) 

Diploma 26 10.2 
Bachelor 204 79.7 
Master 26 10.2 
Total 256 100%  

Student's level First-year 31 12.1 
Second-year 82 32 
Third-year 96 37.5 
Fourth-year 47 18.4 
Total 256 100%  

Scientific Disciplinary 
(SD) 

Banking and financial sciences 85 33.2 
Business economy 10 3.9 
Business management 83 32.4 
Accounting 78 30.5 
Total 256 100%  

Sources: Smart PLS Output. 

 
3.6 Validity and Reliability 
Table 2 shows Cronbach Alpha (CA), Composite Reliability (CR), Average Variance Extracted (AVE), and 
Multicollinearity to check the questionnaire validity and reliability. Cronbach Alpha's result is acceptable due to 
greater than (0.70), and there is a high degree of internal consistency of the questionnaire content (Hair et al., 
2010; Sekaran & Bougie, 2009).  Tested The composite reliability coefficient was to verify the validity of 
internal consistency. Its value ranges (0-1), and its value is acceptable whenever greater than (0.70). Besides that, 
the average values of the interpreted average variance (AVE) were within the acceptable limits, and the (AVE) 
value is proper when exceeds (0.50). There is no multicollinearity problem among the independent study 
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variables due to the Tolerance values were more significant than 0.2 and all VIF values less than five within the 
permissible limits. 
 
Table 2. Validity and reliability of the questionnaire 
Factor CA CR AVE Tolerance VIF 

Performance Expectancy 0.888 0.915 0.643 0.279 3.588 
Effort Expectancy 0.919 0.936 0.711 0.328 3.046 
Social Influence 0.875 0.906 0.621 0.377 2.649 
Facilitating Conditions 0.912 0.932 0.694 0.334 2.99O 
Student Behavioral Intentions 0.931 0.946 0.747 - - 

Sources: Smart PLS Output. 

 
3.7 Operational Definition of Variables Scale 
The study model has used the four constructs of the UTAUT model to adapt to the current study operational 
framework and formulate the scales consistent with the study goal. Table 3 explains the variable scales based on 
previous studies (Venkatesh et al., 2003, 460). 
 
Table 3. Constructs and scales of study model 

Scales Constructs  
1 Using E-Learning will enable us to achieve class activities more quickly.  

 
 
Performance Expectancy 
(PE) 

2 Using E-Learning would improve the quality of the student's homework performance. 
3 Using E-Learning can increase the effectiveness of students' performance.  
4 Students find the E-Learning efficient to use in all course material.  
5 E-Learning will increase students' chances of getting a high grade. 
6 E-Learning helps the students to more active in the E-class activities. 
  

 
 
Effort Expectancy 
(EE)  

7 Learning how to use E-class is easy for the students. 
8 Students’ interaction with the E-class is clear and understandable. 
9 Students find E-Learning easy to use 
10 It is easy to be skillful at using E-Learning technology. 
11 It is easy to use the E-learning platform to get material. 
12 E-learning platforms do not involve too much time and procedures doing mechanical operations. 
  

 
Social Influence 
(SI) 

13 Using E-Learning technology enhances the student's prestigious position. 
14 Using E-Learning technology supports students with a high profile than those who do not. 
15 Having E-Learning technology is a status symbol in college.  
16 All teachers have been helpful in the use of E-Learning technology. 
17 Friends and family encourage to use of E-Learning technology. 
18 Use E-Learning technology due to the proportion of colleagues who use it. 
  

 
 
Facilitating Conditions 
(FC) 

19 I have the resources necessary to use E-Learning technology. 
20 I have the knowledge necessary to use E-Learning technology. 
21 I have appliances compatible with all aspects of E-Learning technologies. 
22 The technical support department in college helps us when I face problems using the e-learning 

platform. 
23 I think that E-Learning technologies fit well with higher education. 
24 I have a guidance manual, and specialized instruction concerning the E-Learning platform was  
   

 
Student's Behavioral 
Intentions 
(SBI) 

25 I consider the new information and have learned with e-learning systems when taking action related to 
the topic. 

26 It is worth recommending the e-learning systems to other students. 
27 I will interest in using the e-learning systems more frequently in the future. 
28 I intend to continue using e-learning systems with a variety of e-platform  
29 I will always try to use e-learning systems in our study life or training programs. 
30 I plan to continue to use e-learning systems frequently, even after graduation. 
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4. Discussion 
4.1 Factors Loading Analysis 
The values of the arithmetic averages of respondents were used as a criterion to determine the level of the 
response (means description: 1 – 2.33 low, moderate 2.34 – 3.67, and high 3.68 – 5). Table 4 indicates that the 
response level within moderate except scales (4) of performance expectancy is low. This result shows the 
respondents' convergence regarding their acceptance and intentions to use e-learning technology. Whereas the 
factor loading results of all component constructs are within acceptable limits (more than (0,70), except scale (16) 
of a social influence construct was less than standard, so excluded from level analysis, as shown in the following 
Figure 2. Factor Loading results confirm that the constructs scales affect the student's acceptance of e-learning 
technology and behavioral intention to use this system. 
 
Table 4. Mean, standard deviations, and factor loadings 

Constructs Model Scale Mean SD Level Factor Loading 
 
 
Performance Expectancy 
(PE) 

1 3.17 1.231 moderate 0.756 
2 2.87 1.230 moderate 0.839 
3 2.37 1.226 moderate 0.725 
4 2.17 1.081 low 0.790 
5 2.79 1.169 moderate 0.885 
6 2.68 1.160 moderate 0.807 

 
 
 
Effort Expectancy 
(EE) 

7 2.77 1.088 moderate 0.860 
8 2.81 1.194 moderate 0.854 
9 2.76 1.145 moderate 0.827 
10 2.47 1.048 moderate 0.884 
11 2.67 1.075 moderate 0.857 
12 2.80 1.170 moderate 0.817 

 
 
Social Influence 
(SI) 

13 2.82 1.045 moderate 0.896 
14 2.97 1.073 moderate 0.839 
15 2.46 0.982 moderate 0.809 
16 2.55 1.105 moderate 0.574 
17 2.58 1.169 moderate 0.699 
18 2.92 1.162 moderate 0.866 

 
 
Facilitating Conditions 
(FC) 

19 3.00 1.243 moderate 0.826 
20 2.52 1.033 moderate 0.763 
21 2.82 1.165 moderate 0.858 
22 2.98 1.161 moderate 0.839 
23 2.82 1.192 moderate 0.840 
24 2.73 1.113 moderate 0.870 

 
 
Student's Behavioral Intention
(SBI) 

25 2.43 0.959 moderate 0.749 
26 2.77 1.196 moderate 0.869 
27 2.73 1.117 moderate 0.909 
28 2.79 1.153 moderate 0.902 
29 2.71 1.097 moderate 0.905 
30 2.67 1.195 moderate 0.843 

 

 
Figure 2. Standardized loading and path coefficient for the trimmed model 
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4.2 Test Hypotheses 
4.2.1 Analysis of First Hypotheses Testing Results 
Table (5) shows the testing results of the first hypothesis before and after the effect of a modified variable. The 
impact of performance expectancy has a positive explanatory power (R², 57.3%) for students' behavioral 
intention to adopt the e-learning system. This effect is statistically significant at (0.05) based on the T-test. 
Moreover, after moderated the effect by modified variables, the explanatory power increased to (62%) by the 
influence of level and scientific discipline. Whereas age and gender failed to moderate the effect, they had no 
relationship with students' behavioral intentions to adopt e-learning technology. Therefore, the first hypothesis is 
accepted. 
 
Table 5. First hypotheses testing result 

Dependent 
Variable 

Independent 
Variables 

Before the Moderating Effect 
After the Moderating Effect 

 
 
 
 
 
 
 
SBI 

Β  SD    T-test    Sig      Result 

PE 0.76  0.03  25.1    0.000    Acce. Β         SD     T-test    Sig       Result 

PE 
Age 
Gender 
SQL 
S. Disciplinary 

 
0.751 
-0.027 
0.071 
-0.213 
-0.086 

0.036 
0.059 
0.044 
0.065 
0.036 

21.11 
0.456 
1.603 
3.289 
2.365 

0.000 
0.649 
0.110 
0.001 
0.018 

Acce. 
Rej. 
Rej. 
Acce. 
Acce. 

R² 
R² Adjusted 

0.573 
0.571 

0.622 
0.608 

 
4.2.2 Analysis of Second Hypotheses Testing Results 
Table 6 shows the second hypothesis testing results before and after a modified variable's effect. The effect of 
effort expectancy has a positive explanatory power (R², 45.8%) for students' behavioral intention to adopt the 
e-learning system. This effect is statistically significant at (0.05) based on the T-test. Furthermore, after 
moderated the effect by modified variables, the explanatory power increased up to (50%) by gender and 
scientific discipline. Whereas age and study qualification level failed to moderate the effect, they had no 
relationship with students' behavioral intentions to adopt the e-learning technology regarding the effort 
expectancy. Therefore, the second hypothesis is accepted. 
 
Table 6. Second hypotheses testing result 
Dependent 
Variable 

Independent 
Variables 

Before the Moderating Effect 
After the Moderating Effect 

 
 
 
 
 
SBI 

Β     SD    T-test     Sig       Result 
EE 0.68  0.036   18.7      0.000     Acce. Β       SD       T-test      Sig    Result 
EE 
Age 
Gender 
SQL 
S. Disciplinary 

 0.678 
0.028 
0.127 
-0.09 
-0.11 

0.041 
0.058 
0.047 
0.060 
0.041 

16.35 
0.488 
2.714 
1.510 
2.762 

0.000 
0.626 
0.007 
0.132 
0.006 

Acce. 
Rej. 
Acce. 
Rej. 
Acce. 

R² 
R² Adjusted 

0.458 
0.455 

0.50 
0.481 

 
4.2.3 Analysis of Third Hypotheses Testing Results 
Table 7 shows the third hypothesis testing results before and after a modified variable effect. Social influence has 
a positive explanatory power (R² 58.3%) for students' behavioral intention to adopt the e-learning system. This 
effect is statistically significant at (0.05) based on the T-test.  After moderated the effect by modified variables, 
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the explanatory power increased to (61.1%) by the impact of a scientific discipline. Whereas age, gender, and 
level failed to moderate the effect, they had no relationship with students' behavioral intentions to adopt 
e-learning technology. Therefore, the third hypothesis is accepted. 
 
Table 7. Third hypotheses testing result 
Dependent 
Variable 

Independent 
Variables 

Before the Moderating Effect 
 
After the Moderating Effect 

 
 
 
 
 
SBI 

Β      SD     T-test    Sig       Result 
SI 0.763   0.30    25.87    0.000     Acce. Β       SD       T-test    Sig      Result 
 
SI 
Age 
Gender 
SQL 
S. Disciplinary 

 
 
 
 
 
 

0.787 
0.09 
0.1 
-0.1 
-0.11 

0.039 
0.078 
0.049 
0.065 
0.048 

20.05 
1.149 
0.988 
1.583 
2.245 

0.000 
0.251 
0.323 
0.114 
0.025 

Acce. 
Rej. 
Rej. 
Rej. 
Acce. 

R² 
R² Adjusted 

0.583 
0.581 

0.611 
0.597 

 
4.2.4 Analysis of Fourth Hypotheses Testing Results 
Table (8) shows the fourth hypothesis testing results before and after a modified variable effect. The study 
excluded the gender-modified variable from testing because conditions are available to all students regardless of 
gender. The facilitating conditions have positive explanatory power (R² 46.2%) for students' behavioral intention 
to adopt the e-learning system. This effect is statistically significant at (0.05) based on the T-test. After 
moderated the effect by modified variables, the explanatory power increased to (47.9%) by the impact of age and 
study qualification level. Whereas scientific discipline failed to moderate the effect, it was no relationship with 
students' behavioral intentions to adopt e-learning technology. So, the fourth hypothesis is accepted. 
 
Table 8. Fourth hypotheses testing result 

Dependent 
Variable 

 
 
Independent 
Variables 

Before the Moderating Effect 
After the Moderating Effect 

 
 
 
 
 
SBI 

Β    SD      T-test    Sig    Result

FC 0.68  0.036    18.99    0.000  Acce. Β         SD      T-test     Sig     Result

FC 
Age 
SQL 
S. Disciplinary 

 

0.684 
0.117 
-0.112 
-.065 

0.036 
0.056 
0.042 
0.053 

17.402 
2.07 
2.691 
1.216 

0.000 
0.039 
0.007 
0.225 

Acce. 
Acce. 
Acce. 
Rej. 

R² 
R² Adjusted 

0.462 
0.460 

0.479 
0.464 

 
5. Conclusion Remarks 
The study established an extended UTAUT by incorporating new modified variables regarding the study 
qualification level and scientific disciplinary to provide significant contributions to the research of E-learning 
systems acceptance and behavioral intention in higher education. The findings of the study revealed the 
following conclusions: - 
• All study model constructs have an average level and explain that these constructs affect students' 
acceptance of e-learning technology and positive behavioral intention toward this system. This result consistent 
with the conceptual framework of the UTAUT model and with the study result of Evans & Roux (2015), Welch 
et al. (2020), and Abubakar and Ahmad (2015). 
• The first hypothesis has shown a positive effect of the expected performance on students' behavioral 
intentions to adopt e-learning technology. This system will increase their effort to perform academic and 
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educational activities and support students' qualifications and scientific disciplinary. This result disagrees with 
the original conceptualization of UTAUT regarding age and gender as modifier variables and with Chauhan & 
Jaiswal (2016). 
• The second hypothesis has shown that the study sample has perceived that the e-learning system does not 
need special academic and educational activities. Gender and scientific discipline play a vital role in moderating 
students' behavioral intentions to adopt e-learning, regardless of the study qualification. It is consistent and in 
harmony with the numerous prior studies regarding the use of e-learning technologies (Adwan & Smedley 2013, 
& Koc et al., 2016) (Wu & Chen, 2017) suggested the scientific study model disciplinary.  
• The third hypothesis has shown that the study sample effects by others' beliefs (family, friends) to use 
e-learning technology acceptance and agree with Khechin's (2016) study. Here, scientific specialization plays a 
vital role in exploring students' behavioral intentions to use the e-learning system. Whereas age, gender, and 
study qualification level were not.  
• The fourth hypothesis result stated that it is appropriate to provide reasonable facilities to the students that 
comply with gender and age (agree with Abusalim et al., 2020). Facilities have a negative correlation with study 
qualification level regardless of scientific specialization.  
• Based on those as mentioned above, it can be said that scientific disciplinary is a critical moderating factor of 
the behavioral intentions of the students to adopt e-learning technology from the viewpoint of Tafila university 
students. It plays a vital role in mediating three constructs of the study model; there are performance expectancy, 
effort expectancy, and social influence. In general, they have accepted the new situation of academic activities 
with behavioral intentions to adopt e-learning. 
6. Limitations and Future Research Directions 
Although this study added a significant contribution regarding the students' behavior intentions literature and its 
relation to adopting e-learning, some limitations need to be considered:  
1. The data collection was constrained to the faculty of business the Tafila University. Therefore, caution is 
required when generalizing the study results to other faculties and other universities in Jordan.  
2. The study used the facilitated sampling technique for data collection due to COVID 19 conditions, limiting 
the study findings' generalization.  
3. Thus, further comprehensive study surveys should be regarding future directions of the students' behaviour 
intentions after the COVID 19 pandemic. 
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