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Abstract
The paper starts from the hypothesis that consumers’ purchase decisions are strongly influenced by other
members of social network and in particular by people with the same interests, social affinity, their centrality in
the network and the electronic word of mouth. Starting from an analysis of literature on user acceptance, we
developed a model called E-Commerce Consumer Acceptance - ECA that takes into account specific elements
that influence consumer acceptance in the context of the online social networks. The paper extends the
Technology Acceptance Model - TAM and TAM2 from a social network perspective to analyze how social
influence can affect consumer acceptance of e-commerce in the specific context of social networks.
Keywords: electronic word of mouth, homophily, network centrality, social influence
1. Introduction
In the last years there has been an increase in e-commerce. Consumers are more and more attracted by purchases
on the Internet due to its convenience in terms of times and costs. Consumers before make an online purchase
ask the opinion of their friends or reference group as the perceived risk is higher than traditional purchases (Ferri
et al., 2008). The factor of trust is very important in e-commerce consumer acceptance. In this context social
networks are playing a crucial role, they stimulated a further development of marketing (marketing 2.0) defining
a new perspective connected to the symmetry of companies and consumers in their communication process.
Indeed, consumers do not passively receive marketers’ messages; they actively express their needs, preferences
and choices, ask opinions of their friends and read online reviews (Guzzo et al., 2012). These tools, in fact, are
significantly changing the relationship between consumers and retailers offering new potentialities, not available
in traditional channels, and facilitating collaboration and sharing among users. Customers can easily obtain
information about products from a large, geographically dispersed population, the resulting electronic word of
mouth and its easy access are increasingly important in affecting consumer acceptance. Online social networks
changed old models of word of mouth marketing based on one-to-one relationships, providing a model based on
one-to-many amplification of key brand messages, information and reviews from customers. When a user shares
its reviews, opinions and ideas about products on its own social channels, this information is exponentially spread,
and many other users can be influenced in their future purchases. In this perspective, the issue of consumer
acceptance is acquiring a great importance in order to address online retailers to adopt the best strategies to attract
consumers.
Nielsen data (2012) found that 98% of consumers trust recommendations from their networks in the form of
social word of mouth more than other forms of advertising. The second most trusted form of advertising is online
consumer reviews with an increase of 15% in four years. According to Randall Beard, global head at Nielsen
(2012). “Although television advertising will remain a primary way marketers connect with audiences due to its
unmatched reach compared to other media, consumers around the world continue to see recommendations from
friends and online consumer opinions as by far the most credible. As a result, successful brand advertisers will
seek ways to better connect with consumers and leverage their goodwill in the form of consumer feedback and
experiences.”
There are not many studies on consumer influence in social networks and consequently acceptance of online
purchases. TAM2 introduced the concept of social influence by using the construct of subjective norm, which is
defined as the perception of a person of what is important to other people (Venkatesh & Davis, 2000). However,
limited attention has been given to the study of how social influence occurs in social networks environments and
145

www.ccsenet.org/ibr

International Business Research

Vol. 8, No. 1; 2015

in relation to e-commerce. The paper aims to analyse how social influence act in the context of social networks
and which variables to consider in order to provide additional explanations on the consumer acceptance. After a
comprehensive review of literature and analysis on the factors that affect the acceptance, we developed a
reference model called E-Commerce Consumer Acceptance - ECA, introducing some variables that act in social
networks environment and affect acceptance.
The paper is organized as follows: in Section 2, some related works on users’ acceptance are provided. Section 3
introduces the method used in the study. In section 4, a discussion on Social Influence and on Network Centrality,
Homophily and Electronic Word of Mouth is provided. In section 5, the E-Commerce Consumer Acceptance –
ECA Model is introduced. Finally, Section 6 concludes the paper.
2. Background
Several studies and models have been developed to represent and explain user’s technology acceptance such as:
the Theory of Reasoned Action (TRA) (Fishbein & Ajzen, 1975; Ajzen & Fishbein, 1980); the Theory of
Planned Behavior (TPB) (Ajzen, 1985); the Technology Acceptance Model (TAM) (Davis, 1989); the TAM 2
(Venkatesh & Davis, 2000); the Unified Theory of Acceptance and Use of Technology (UTAUT) (Venkatesh et
al., 2003).
According to the Theory of Reasoned Action, social behavior is motivated by an individual’s attitude towards
executing that behavior. The main factors that determine behavioral intentions are: the person’s attitude towards
the behavior (which refers to the person’s judgment that performing the behavior is good or bad) and subjective
norms (which reflect the person’s perception of social pressures put on him/her to perform or not that behavior or
not). The TRA is related to voluntary behavior. The theory of planned behavior claims that behavior is not
always voluntary and under control, it can be deliberative and planned introducing a new component, the
"perceived behavioral control." It is related to the extent to which the person believes that s/he has control over
personal or external factors that may facilitate or limit behavioral performances (Ajzen, 1991). TPB suggests that
individual's behavioral intentions and behaviors are shaped together by their attitude towards behavior,
subjective norms, and perceived behavioral control. The most famous and applied model is the Technology
Acceptance Model. It is derived from the Theory of Reasoned Action of (Ajzen & Fishbein, 1980); and deals
with users’ acceptance and use of technology (Davis, 1989).
The TAM considers different connected factors to explain users’ acceptance towards a new technology:
-

The External Variables affect the perceived usefulness, the perceived ease of use, and the attitude towards
using a technology.

-

The Perceived Usefulness refers to people’s perception that the use of a particular technology will improve
their ability in doing daily actions or their work performances (Venkatesh & Davis, 2000).

-

The Perceived Ease of Use refers to the required effort to use the system, and then to the people’s
perception that using a particular technology will be easier (Venkatesh et al., 2003).

-

The Attitudes towards Use designates the users’ desirability to use a particular technology (Malhotra &
Galletta, 1999).

-

The Behavioral Intention to Use is foreseen by the attitude towards use in combination with the perceived
usefulness.

-

The Actual System Use is foreseen by the behavioral intention.

The TAM model has been expanded and modified by other studies. The most important two were the TAM2
(Venkatesh & Davis, 2000) and the Unified Theory of Acceptance and Use of Technology (UTAUT) (Venkatesh
et al., 2003). Venkatesh and Davis (2000) extended the original TAM proposing the TAM2, including it in social
influence processes (subjective norm, voluntarism, and image) and cognitive instrumental processes (job
relevance, output quality, result demonstrability, and perceived ease of use). Attitude toward use was considered
a weak predictor of behavioral intention or actual use by TAM2. Another extension of the TAM was the Unified
Theory of Acceptance and Use of Technology (UTAUT). This model distinguishes factors that determine use
behavior (performance expectancy, effort expectancy, social influence, and facilitating conditions) and factors
that mediate them (gender, age, experience, and voluntariness) (Venkatesh et al., 2003).
Social influence was not taken into account by the original TAM. Although different studies considered social
influence as being a factor in their technology acceptance approaches (Thompson et al., 1991; Moore and
Benbasat, 1991), the construct of subjective norm as the main representation of social influence was mostly
accepted (Venkatesh et al., 2003). Subjective norm is referred to the perception of a social pressure to engage or
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not to engage in a behavior (Fishbein & Ajzen, 1975). It is defined as “the degree to which an individual
perceives that important others believe he or she should use the new system” (Venkatesh et al., 2003). TAM2
uses subjective norms to explain social influence. It occurs when an individual perceives that an important
person has the ability to reward or punish some compliant behaviors, then he/she changes his/her behavior
accordingly (Venkatesh & Davis, 2000).
Ehsaei and Che Hussin, (2012) proposed a model for acceptance of feedbacks in reputation system based on
social relations of users that includes homophily, tie strength and source credibility as factors that influence
acceptance.
Belkhamza and Wafa (2013) analysed the relationship between perceived usefulness, attitude, and subjective
norm in order to assess the differences of behavioral intentions to use e-commerce in the two different countries.
They found that uncertainty avoidance plays an important role across culture in the e-commerce adoption.
Ferri et al. (2014) proposed a model to analyse acceptance to use mobile technologies for shopping purposes.
They analysed how social influence acts on some indicators related to mobile interaction and experience during
use, such as: socio-anagraphic (gender, age, education), motivational (curiosity, image and fashion), functioning
(usability, usefulness and mobile convenience), and psychological (cognitive effort, trust, perceived risk and
enjoyment), to explain the acceptance process.
Literature showed that social environment and personal interactions have powerful effects on human behavior.
Opinions and behaviors of people are influenced by their network (Weimann, 1983). Consumer’s purchasing
decisions then e-commerce acceptance are always influenced by each other. Starting from this assumption, the
paper proposes a model based on social influence that takes into account three fundamental elements of social
networks that can influence users: Network Centrality, Homophily and Electronic Word of Mouth to show how
these affect consumer behavior and acceptance of e-commerce.
3. Method
The study has been carried out by using the deductive method, which enabled us to draw general assumptions
derived from theoretical reflection. The deductive approach is in fact a logical process consisting in deriving,
from one or more known theories or premises, a conclusion that is logically necessary consequence. “The
deductive approach follows the path of logic most closely. The reasoning starts with a theory and leads to a new
hypothesis. This hypothesis is put to the test by confronting it with observations that either lead to a confirmation
or a rejection of the hypothesis” (Snieder & Larner, 2009, p. 16).
Thereby, in the first step some assumptions have been formulated. In the second step an analysis of various
sources of evidence has been provided to strengthen our assumptions. Finally in the third step, the conceptual
model has been built and some variables of social influence have been introduced. In particular different aspects
of social influence have been considered for the analysis based on previous researches and theories.
3.1 Assumptions
Why people tend to buy some products instead of others with similar characteristics and but cheaper?
When people make a decision and do not know how to behave, just look at what others are doing and act
accordingly. This principle is at the basis of the spread of fashions. People tend to behave and dress in a certain
way, because they feel that it is more correct.
Other examples are the reviews online, the votes of other users on a product: in this case, the positive testimony
of others can be a strong persuasive element for purchase. Generally, people tend to consider more reliable and
welcome favorably the opinion of people who know, are more similar to them or are they like nice people. Social
influence is able to modify attitudes.
Starting from these examples, the following main assumptions have been made:
-

In social networks, opinions of other people in their own social circle have positive impacts in influencing
consumer decision to shop online.

In particular, three elements that act in the context of social networks have important positive impacts in
influencing consumer acceptance:
-

Network Centrality. A user in a social network with high centrality is usually more highly influential than
other isolated users.

-

Homophily. Users in a social network are most influenced by other similar users with common features
(age, gender, interests).
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Electronic Word of Mouth. Idea, opinions and recommendations propagate very quickly and exponentially
in a network promoting products through social relations and encouraging other people to buy online.

These assumptions are next described in detail. The following sections provide the theoretical foundations for
the proposed conceptual model.
4. Social Influence
Social influence refers to change of a person’s behavior after an interaction with other people, organizations and
in general with society. It consists of the process by which the individual opinions can be changed by the
influence of other individuals (Friedkin, 1998).
It is characterized by three main features: i) conformity, that occurs when an individual expresses a particular
opinion in order to meet the expectations of a given other, though s/he does not necessarily hold that belief that
the opinion is appropriate; ii) power, that is the ability to force someone to behave in a particular way by
controlling his/her outcomes; iii) authority, that is power that is believed to be legitimated by those who are
subjected to it (Guzzo et al., 2014).
Webster’s dictionary defines inﬂuence as “the power or capacity of a person or things in causing an effect in
indirect or intangible ways”. It could be defined as the combination of all things that may change or have some
effects on a person’s behavior, thoughts, actions, or feelings. It can be represented by peer pressure, persuasion,
marketing, sales, and conformity. This phenomenon in social networks refers to the behavioral change of
individuals affected by others in a network. The social environment and personal interactions have powerful
effects on human behavior that in fact is always influenced by each other.
In literature three types of reference group influences are identified: Informational Influence, Utilitarian
Influence, and Value-Expressive Influence (Park & Lessig, 1977; Bearden & Etzel, 1982).
-

The Informational Influence acts when individual would like to improve his knowledge and have best and
useful information in order to optimize his choices (Kelman, 1961).

-

The Utilitarian Influence is based on the compliance process and acts when individual would like to satisfy
group’s expectation in order to achieve a favorable reaction from it (Kelman, 1961).

-

The Value-Expressive Influence is based on the identification process and acts when individual would like
to be similar to the group in order to belong to it (Kelman, 1961).

These three types of reference group influences can be applied to online reference groups of social networks and
have an impact on consumers’ acceptance.
The exponential growth of online social networks such as Facebook, Twitter, MySpace, Flickr, del.icio.us etc. is
playing an important role in shaping the user behavior on the web. Fowler and Christakis (2008) introduced the
theory of three degrees of influence to explain the great influence that social networks have on people’ behavior.
According to them people influence friends who in their turn influence their friends, meaning that actions can
influence people they have never met. They claim that "everything we do or say tends to ripple through our
network, having an impact on our friends (one degree), our friends’ friends (two degrees), and even our friends’
friends’ friends (three degrees). Our influence gradually dissipates and ceases to have a noticeable effect on
people beyond the social frontier that lies at three degrees of separation".
Some studies analysed the impact of the social influence on consumer preferences. Domingos and Richardson
(2001) modeled markets as social networks of consumers and analysed how to optimize profit by focusing on the
most influential consumers. Cosley et al. (2010) proposed a model of how influence propagates through a social
network.
Within a social network three main elements act on social influence: i) the Network centrality, ii) the Homophily
and iii) the Electronic word of mouth. Some evidences of these influences are provided in the next sections.
4.1 Network Centrality
In a social network, members (nodes associated with others nodes) are influenced by others members for various
reasons. Social influence is a directional effect from node A to node B. Some nodes can have intrinsically higher
influence than others due to network structure. Social Network Analysis is the study of social relations among a
set of actors (nodes). The nodes in the network are people and groups while the links show relationships or flows
between the nodes. The analysis allows “to determine if a Virtual Social Network is tightly bounded diversiﬁed
or constricted, to ﬁnd its density and clustering, and to study how the behaviour of network members is affected
by their positions and connections” (Scott, 2000). The importance of a node in the network is measured by its
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centrality. The three most important individual centrality measures are: i) the Degree Centrality, ii) the
Betweenness Centrality and iii) the Closeness Centrality.
i) The Degree Centrality refers to the number of direct connections a node has. Persons high in degree centrality
can act as opinion leaders within a network. They in fact often play an important role when share information,
influencing others or bridging different communities (Chau & Xu, 2005).
ii) The Betweenness Centrality quantifies the number of times a node acts as a bridge along the shortest path
between two other nodes. Persons high in beetweenness centrality often act as communication channels or bridge
between two (sub-)networks (Chau & Xu, 2005). This indicates a dependency of one actor to communicate with
other actors then to influence them.
iii) The Closeness Centrality that is the inverse of farness, which in turn, is the sum of distances to all other
nodes. Persons high in closeness centrality tend to hear information sooner than others (Cross & Parker, 2004, p.
157). They are sooner influenced by social pressures, but they also control these pressures by spreading
information or not.
A node with high centrality is usually more highly influential than other nodes. According to Katona et al. (2011)
demographics and user’s position can predict their influential power on their neighbors. Social Network Analysis
analyses which members are individuals or peripheral in a network; it identiﬁes bonding and bridging and who
has inﬂuence in the network.
4.2 Homophily and Social Similarity
Homophily can be defined how the tendency of individuals to associate with people similar to themselves. The
networks of people are homogeneous respect to some characteristics: sociodemographic, behavioral and
intrapersonal. Homophily is at the basis of social ties and it has many implications on people interactions, attitudes
and information they receive. It can be divided into cognitive homophily (preferences, attitudes, values) and
demographic homophily (race, age) (McPherson et al., 2001).
Homophily is a fundamental characteristic of social networks. In a social network in fact, individuals are
connected to each other due to their similar attributes developing social relations. Homophily has important
implications on how information flows along the social network (Golub & Jackson, 2011) and on how this has
influence on social behavior. Previous researches have suggested that people who are in the same social circle have
similar behaviors and tastes. Similarity among individuals affects trust ad understanding (Ruef et al., 2003) and
acceptance of a source information (Bruyn & Lilien, 2008; Money et al., 1998). Individuals can influence others in
accepting advices and ideas through sharing of preferences, tastes and lifestyle (Brown et al., 2007).
The approach based on homophily was followed by Crandall et al., (2008) that used cosine similarity to compute
the similarity between two people. They proposed a probabilistic model which samples activities of people based
on their history and those of their neighbors, and a background distribution. This concept was stressed also by
Matsuo and Yamamoto (2009). They studied user’s behavior on e-commerce site and found that users generally
trust other users who have similar behavior with them. Other studies analysed the correlation between social
similarity and influence. Singla and Richardson (2008) studied the probability of relationships between two users
by measuring their similarity. According to them, users with common features (age, gender, zip code, word and
queries issued) chat more likely each other, then influence probabilities could be estimated by user’s similarity.
Homophily is also linked to strong ties. According to McPherson et al. (2001) in fact, strong ties exist among
similar individuals and weak ties tend to exist between dissimilar others. Strong ties play a major role in
influencing other people through a process of knowledge because they are based on trust and can reduce
resistance and uncertainty. Actors who share a strong tie tend to share similar views, offer emotional support and
help in times of emergency and are more likely to trust one another (Crona & Bodin, 2006).
4.3 The Electronic Word of Mouth
In social networks very important is the effect of “word of mouth”, since ideas, opinions and recommendations
propagate very quickly and with an exponential grow. Several studies demonstrated the success of word of
mouth for promoting products through social relations encouraging other people to adopt a certain innovation,
such as buying a product or watching a movie. This phenomenon is growing in social networks and this assumes
an important role in consumer acceptance. Chevalier and Mayzlin (2006) found that word of mouth has a great
impact on increase sales thanks to the online book reviews.
In the last years, social network services such as Douban (http://www.douban.com/) and Goodreads
(http://www.goodreads.com/), where users rate books, music and movies and share their ratings and reviews with
friends or followers, are having a great success. Many companies have recently started to capture data on the
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social interaction between consumers in social networks, with the objective of understanding and leveraging how
this interaction can generate social influence. Consumers can modify their opinions about products and/or
services according to the social influence process; this process also impacts on knowledge diffusion about
products and services. Social network emerges as one of the most authoritative and influential source of
knowledge about products and services related to the area of interest of a community. They have the aptitude to
generate knowledge sharing among consumers and facilitate the collaboration and exchange of ideas among
consumers. (Guzzo et al., 2014). De Bruyn and Gary (2004) call this phenomenon viral marketing; it is a
“consumer-to-consumer (or peer-to-peer) communication, as opposed to company-to-consumer communications,
to disseminate information about a product or a service, hence leading to its rapid and cost-effective market
adoption”. Word of mouth or viral marketing involves customers in commercial strategies for recommending
commercial products to their friends through the customer social networks. In this context, the problem of the
influence maximization that aims to identify individuals to target to have a large cascade of further adoptions,
assumes a great relevance. Several studies (Domingos & Richardson, 2001; Kimura & Saito, 2006; Chen et al.,
2009, 2010), addressed this issue.
5. E-Commerce Consumer Acceptance Model
In the previous sections we provided theoretical foundations to design our conceptual model. In table 1, some
evidences that emerged from literature are summarized.
Table 1. Summary of evidences from literature review
Literature Review

NETWORK CENTRALITY

In the network a node with high centrality score is usually considered more highly influential
than other nodes (Muruganantham and Meera Gandhi, 2014).
Persons high in degree centrality can act as opinion leaders within a social network influencing
others members (Chau, and Xu, 2005).
Persons high in beetweenness centrality can act as communication channels or bridge between
two sub-networks. This indicates a dependency of one actor to communicate with other actors
then to influence them (Chau and Xu, 2005).
Persons high in closeness centrality tend to hear information sooner than other. They are sooner
influenced by social pressures, but they also control these pressures by spreading information or
not (Cross and Parker, 2004).

HOMOPHILY /SIMILARITY

Similarity among individuals affects trust ad understanding (Ruef, Aldrich, & Carter, 2003) and
acceptance of a source information (Bruyn and Lilien, 2008; Money, et al., 1998).
Strong ties typical of similar people play a major role in influencing other people because they
are based on trust (Crona and Bodin, 2006).
Singla and Richardson (2008) analysed the correlation between social similarity and influence.
Users with common features chat more likely each other, then tend to influence each other.
People adopt behaviors exhibited by those they interact with and are similar to them (Friedkin,
1998).

ELECTRONIC WORD OF
MOUTH

Chevalier and Mayzlin (2006) found that word of mouth has a great impact on increase sales
thanks to the online reviews.
Consumers can modify their opinions about products and/or services according to the social
influence process (Guzzo et al. 2014).
Word of mouth is a central channel of interpersonal influence in consumer purchase decision
making (Grewal et al. 2003).
Word of mouth changes people’s opinions, behaviors, feeling and actions (Huang, 2011).

Starting from these studies, we used these three elements above analysed: Network Centrality, Homophily,
Electronic Word Of Mouth as variables that affect social influence in social networks environment. Figure 1
shows the model that integrates the TAM and TAM 2 by adding some specific variables to explain how user’s
behavior and acceptance of e-commerce are influenced by other members in social networks. Although TAM2
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has been used to study online shopping environments and takes into account social influence, it does not capture
some specific characteristics in the context of social networks. To overcome this lack, we developed the ECA
model integrating traditional factors from TAM by adding other variables in the specific context of social
networks.

Figure 1. E-commerce consumer acceptance model – ECA
The ECA model represented in figure 1, is based on the idea that e-commerce acceptance depends on social
influence within social networks environments. The model takes into account two perspectives that act as
variables of input in the process of consumer acceptance, one at individual level that acts on the basis of the
different characteristics of the user and one at community level that determines social influence in social
networks.
The rectangles within the two blocks: individual level and community level represent variables of input and the
other rectangles represent variables of output towards acceptance. The arrows indicate the influence of a variable
on the others and their dependences (see figure 1).
Acceptance in terms of “use” depends on the “intention to use” e-commerce, which depends in turn on the
variables: “Perceived Usefulness”, “Perceived Ease of Use” already introduced by TAM and “Perceived Risk”
that influence each other. Our model introduces the “Perceived Risk” that was not taken into account by TAM
and TAM2. As we analyse e-commerce acceptance, “Perceived Risk” is a very important variable in affecting
consumer acceptance, given the implicit uncertainty of the e-commerce environment also for the use of credit
card and possible fraud. In this case, opinions of other people and in particular people of own social circle that
experienced similar purchases and who people trust, are very useful in the decision process. These perceptions in
fact are affected by social influence (friends, peers, experts, opinions and reviews on social media) that act at
community level and in particular three are the variables within social networks environments that according to
our model must be taken into account to analyse consumer acceptance. These variables are: Network Centrality”
(the most influential person(s) in a social network that has the power to influence other) “Homophily” (the
tendency of people to relate whit people with similar tastes, preferences and opinions, then to influence each
other) “Electronic Word of Mouth” (the passing of information from person to person on Internet, also by using
online reviews, then to influence consumer behavior). These variables can be considered factors of propagation
of social influence in the specific context of social networks. The variables at community level act on variables
at individual level: “Socio-demographic” (sex, age, employment, qualification, level of education, etc.),
“Motivation” (curiosity, image, fashion, etc.), “Experience” (degree of direct knowledge). People, in fact, have
different motivations, different approaches with technology and different opinions according to their different
ages, social status, level of education, profession, experience, motivations but also in basis at the different degree
of social influence received. Then the individual level and the community level are linked among them because
they can have reciprocal effects. Also variables within two levels are linked among them because they can
influence each other.
All variables identified and their relations have been discussed with seven interdisciplinary experts (engineers,
economists, sociologists and psychologists). The aim was to build and verify the theoretical model by using
different point of view and to find shared opinions. All experts have been agree in considering the variables
introduced in our model as factors that can influence the e-commerce consumer acceptance process. The study
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should be considered as exploratory because it focuses on model building rather than testing. This
methodological limitation will be overcome in a second study where the proposed model will be empirically
tested using the data collected from a survey with a quantitative approach of Italian consumers. However, this
study contributes to a better understanding of consumer acceptance through social media and can help in the
successful marketing strategies. Companies can use this model to manage effective strategies for promoting
products through social relations within social networks.
6. Conclusion
The aim of the paper was to study consumer acceptance of e-commerce from a social network perspective
extending the original TAM and TAM2 by including other variables.
The contribution of the paper to existing knowledge consists in a better understanding of the social influence
within social networks environment in affecting e-commerce acceptance. Although different studies considered
social influence in technology acceptance models, low attention has been given to how social influence occurs in
social networks environments and in relation to e-commerce. Our model introduces some variables that take into
account the specific characteristics of the social networks in influencing people decisions.
The model considers two perspectives that act as variables of input in the process of consumer acceptance, one at
individual level and one at community level. The variables at individual level are: Socio-demographic,
Motivation and Experience that act on the basis of the different characteristics of the user. The variables at
community level instead determine social influence in social networks, and are: i) Network Centrality: the
activities and preferences of people are influenced by their position in a social network. Persons highly central
tend to mainly influence other people in the network; ii) Homophily: two users that have similar preferences tend
to influence among them in social networks; iii) Electronic Word of Mouth: users in social networks are
influenced by the electronic word of mouth.
These variables at individual level and at community level influence each other’s and in turn influence users
perception. In particular the variables considered by our model are: Perceived Usefulness and Perceived Ease of
Use introduced by TAM and Perceived Risk added by our model due to uncertainty related to the specific context
of e-commerce. The sum of the previous variables acts on intention of use of the users and then on the use and
acceptance of the technology for e-commerce.
The identified variables have been discussed with seven interdisciplinary experts (engineers, economists,
sociologists and psychologists) in order to evaluate the theoretical model by using different point of view and to
find shared opinions. However, the limitation of this study is that the model is conceptual and it was not
empirically tested but it is based on a literature review. The study should be considered as exploratory because it
focuses on model building rather than testing. We used a limited number of experts that verified the model in a
qualitative way. This did not enable a generalization of the results, but it has enabled us to build the model. This
limitation will be overcome by further studies where the proposed model will be empirically tested on the
creative enterprises community available at www.shapes.cnr.it (Ferri et al., 2013; Grifoni et al., 2014; Ferri et al.,
2014). For the model validation could be used a social network analysis and/or a survey by using a quantitative
approach. The structural equation modeling technique could be used to evaluate the causal model and the
confirmatory factor analysis could be performed to examine the reliability and validity of the measurement
model. However the ECA model introduced in this study have some practical implications. Online shopping
decisions are influenced by other members of the social networks that had similar experiences, by messages in
online discussion and reviews of other users. The model can be useful to companies to develop their marketing
strategies, because it gives a view on variables to consider within social networks that influence people in their
decision process to buy online. This study in fact, shows that it is very important to analyse network structure to
increase the flow of information regarding a new product and new ways to buy, for increasing its acceptance by
consumers.
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