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Abstract
The research aims to examine critical factors that influence the acceptance and use of M-learning among Jordanian
student. This study integrates technology acceptance model (TAM) with service quality factor. The primary data
were collected from 487 valid questionnaires, which were distributed, to random Jordanian students in four cities.
The analyses of the gathered data employed the (SPSS). The validity of the final overall model was evaluated
using the statistics and acceptable fit of the measurement model to the data has been demonstrated. Based on the
outcomes, the factors with the highest direct effect on Intention to use M-learning appeared to be Attitude toward
using M-learning, while the factor with the highest indirect effect on Intention to use M-learning appeared to be
Compatibility. The main findings of the study are: trust factor has a significant stronger impact on PEOU and PU.
PEOU and PU have the stronger impact on customers' attitude, which in turn influences students’ intention to use
M - learning services.
Keywords: M-learning, acceptance, education, TAM
1. Introduction
Mobile learning or m-learning has recently evolved into a real means of education (Stead, 2005). This has been
proven through the growth and impact of groundbreaking technology and implementation of m-learning in the last
decade. The growth and development of m-learning has also been in line with the evolution of online world (Alzaza
& Yaakub, 2011), and the rapid development of mobile technology has propelled the creation of wireless mlearning on mobile devices (Pulla, 2013). Further, in line with the development of means of communication, the
process of learning has also changed where it has evolved from the conventional face-to-face method to the
distance learning and e-learning (Azizan, 2010).
2. Literature Review
Researchers have shown great interest on the success or failure of mobile learning and have so far been mainly
investigating into the matter post-trial (Shuler et al., 2012; Embi & Nordin, 2013). As such, before m-learning is
implemented, it is necessary to probe into the elements that impact the acceptance of students, such as factors of
acceptance, limitations and requirements (Mtebe & Raisamo, 2014). This is done to help ensure that the money
and time invested into the implementation of the system are well spent and hopefully would generate success (i.e.
in terms of students’ acceptance). Furthermore, the investigation could assist universities in to align their strategic
planning with the demands of the students – all of which would lead to better investment in technology (Al-matari
et al., 2013; Embi & Nordin, 2013).
Further, when factors associated to acceptance of mobile learning are identified, the universities implementing this
learning method can improve on the delivery of services to the students. Apart from that, when these factors are
incorporated into the business process, education and learning will be more efficient and there will be an increase
in students’ loyalty (Alzaza & Yaakub, 2011; Pimpaka, 2013; Iyamu & Mtshali, 2013 Alzubi et al., 2017). However,
according to Al-matari et al., (2013), the university would have to expect the potential factors that may influence
students’ intention and understand how the factors could encourage them to use m-learning in order to invest the
developments of mobile service and content properly. Nonetheless, it would be hard for the students to get the
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information if they fail to accept a new technology.
Among the factors that are found to be affecting the acceptance of students towards m-learning are service quality,
social influence and cultural differences. Additionally, the factor of service quality also affects users’ acceptance
intention. Furthermore, according to Liu and Han (2010) it service quality also shows a positive causal relationship
between the satisfaction of user concerning a web portable, as well as the perceived overall quality of service. Also,
according to Abu-al-aish and Love (2013), service quality has an effect on users’ acceptance intention. Hence, the
service quality factor is paying an important role for students' attitude towards using m-learning. Moreover,
understanding the nature of services quality factor will support institution of higher education to provide high
quality services to learners and develop their education and education strategic plans.
3. Theoretical Background
Technology acceptance model have been formulated in order to explain the determining factors of acceptance
among user in a wide array of end-user computing technologies (Davis, 1986). This model was based on Ajzen
and Fishbein’s (1980) theory of reasoned action or TRA. Additionally, since TRA is a model that is well established,
many scholars various fields employ it in explaining and predicting human behaviour. Originally, TAM consisted
of five components namely, behaviour system use, perceived ease of use (PEOU), attitude toward using (ATU),
behavioral intention to use (BI), and perceived usefulness (PU). Specifically, as indicated by Davis (1989) PEOU
represents the degree to which a user believes that using a particular service would be effortless, while PU means
the degree to which an individual perceives that using a particular system would improve the performance of his
or her job. PEoU and PU are the two most important factors for system use and in fact, according to Liu and Han
(2010) and Alzubi et al., (2017) these two elements are considered important in accepting user’s beliefs of an
information technology. Meanwhile, ATU directly predicts BI of the users, which determines AU. Later, an
extension of TAM or known as TAM2 was proposed by Venkatesh and Davis (2000). As an extension of TAM,
TAM2 added a new components namely, output quality, image, job relevance, voluntarism, result demonstrability
and subjective norm) and omitted ATU because it is perceived as weak predictors of either BI or AU.

Figure 1. The original TAM (Davis, 1989).
4. Research Model Factor
4.1 Service Quality (SQ)
Service quality is generally derived from the perspective of customer attitudes, where quality refers to satisfying
the requirements of the customer (Geetika & Nandan, 2010). In terms of successfully fulfilling requirements of
customers, Al-Mushasha and Hassan (2009) and El Saghier and Nathan (2013) stated that it based on the ability
of the organization to identify and meet these requirements. From viewpoint of the organization, customers must
be perceived as persons with individual requirements and in instances where a standard level of service quality is
established to satisfy these requirements, organizations that claim to be providing their customers with high-quality
services are obliged to satisfy the requirements of their customers. If this can be achieved, the said organization
will have positive image in the marketplace, which will give them an edge over their rivals.
As mobile wireless technology increases in terns if capability, the number of institutions like universities that has
begun adopting m-learning in their teaching and learning increases. Not only that, as reported by Parsons and Ryu
(2006), Al-Mushasha and Hassan (2009) and El Saghier and Nathan (2013), as mobile service quality is regarded
as a primary factor linked to user behaviour, measurement of mobile service quality has become important. Thus,
it cannot be doubted that knowledge in the factors leading to m-learning service quality can be of value in creating
software and hardware design enhancement; this consequently increases the perceived value of the service as well
as user satisfaction (Yi et al., 2010).
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Figure 2. Research Model
4.2 Research Hypothesis
H1: Service Quality (SQ) factor has a significant positive relationship with perceived usefulness in the use of
mobile learning.
H2: Service Quality (SQ) factor has a significant positive relationship with perceived ease of use to use mobile
learning.
H3: Perceived usefulness has a significant positive relationship with behavioral intention to use mobile learning.
H4: Perceived ease of use has a significant positive relationship with perceived usefulness to use mobile learning.
5. Research Methodology
This research employed 487 students aged 18 and above enrolling in among Jordanian student as respondents. As
for data, they were obtained online (online questionnaires at www.surveyshare.com). There is only one part to the
questionnaire. This one part contains items, which represent several constructs. The 5-point scale was chosen for
measuring the acceptance level of users. In order to measure the factor that influence to acceptance m-learning
among Jordanian students, this study utilized regression analysis. This study attempts to construct an integrated
framework with the capacity of measuring the citizen s’ readiness to interact with mobile learning. In the
investigation of these students readiness, validation to the trust factor with Technology Acceptance Model (TAM)
has to be performed.
5.1 Instrument Development
As mentioned earlier, the pilot test is performed to ascertain the reliability of the measurement instruments prior
to the main empirical study. Meanwhile, as documented by Gay and Airasian (2000), reliability entails the extent
to which a test consistently measures whatsoever that is being measured. Further, Cronbach’s alpha measures the
initial reliability of internal consistency of data that were obtained from pilot study (Cronbach, 1984) and the
Cronbach alpha value can be increased in either the average correlation or the number of items (Zander & Kogut,
1995). Further, it was indicated by Henryson (1971) that an “item-to-total-test correlation should fall between the
range of 0.3 to 0.7 for inclusion” in a survey test. After that, a reliability analysis is performed on the full set of
data as well as high reliability offered confidence in the results obtained. The reliability analysis vary from 0.70 to
0.80 is the acceptable alpha value for study in general as proposed by Devellis (1991). Table (1.1) illustrations the
value of Cronbach’s coefficient alpha ranged from .788 to .872.
Table 1.1 Reliability Coefficient for Multiple Items
Variable
Service Quality
Perceived usefulness
Perceived ease of use

N. of Items
7
5
5

Alpha (a)
.872
.901
.788

5.3 Data Analysis
Considering the measurement model, the assessment of the structural model was the subsequent step in the SPSS
Analysis; an analysis was performed towards the inner model. Hair et al.’s (2011) proposed requirements were
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perused. Thus, for the testing of hypotheses, the researcher employed bootstrapping to measure the significance
level of the path coefficients.
A multiple regression analysis is performed in order to assess the influences between the factors in the proposed
research model. All hypotheses test indicate some influences between constructs. The analysis is conducted in
three regression models, as shown in Table (1.2). The model contains four hypotheses (H1, H2, H3, and H4).
Table 1.2 Summary of hypotheses
Hypotheses

Variable

β

Supported

H1

Service Quality »»» Perceived usefulness

.422

Yes

H2

Service Quality »»» Perceived ease of use

.531

Yes

H3

Perceived usefulness »»» Behavioral intention to use (BI)

.321

Yes

H4

Perceived ease of use »»» Behavioral intention to use (BI)

.389

Yes

6. Discussion and Implications
This finding is also in line with that by (Abu-Al-Aish and Love 2013), who had come to a conclusion that the
factor of service quality positively and significantly impacts behavioral intention, and hence, m-learning
acceptance. Aside from that, this finding is also in agreement with Kuruuzum and Koksal (2010) who documented
that perceived service quality within the hospitality industry impacts behavioral intention. Thus, owing to its
significant effect being widely supported in the literature available, the influence imparted by this factor (the
service quality factor) is anticipated. Therefore, it is anticipated that a student who viewed the system of m-learning
as functioning, interactive, and responsive will be positively encouraged to effectually involve him/herself in
his/her mobile device which will ultimately improve his/her acceptance level. Regarding to the factor of the PU
and PEOU, the findings attained demonstrate that the aforesaid factor has positive and significant association with
behavioral Intention to Use. This finding is in agreement with those by (Tajudeen et al., 2013; Alzubi et al., 2018)
and Jeon et al., (2015). In particular, the findings by (Tajudeen et al., 2013) demonstrate that the factor of perceived
usefulness and Perceived ease of use significantly affects the acceptance of student towards mobile learning and it
also directly impacts students’ behavioral intention to utilise mobile learning. Jeon et al., (2015) support these
findings when their recent investigation demonstrates that the factor of Perceived Ease of Use factor is significantly
and positively linked with behavioral Intention to Use and therefore should be treated as a vital factor in the
Acceptance of Smartphone Application.
7. Limitation
As indicated earlier, the findings of this research have verified the findings of the past studies to a certain extent.
However, along the work progress, the researcher has discovered and addressed several issues that are worth noting.
The study’s findings are deemed useful in formulating learning and content management systems design, where
technology service quality is concerned. In this regard, system response, accessibility and personalization would
prove to be important determining factors in shaping students' acceptance. In short, students may respond
positively to m-learning if it is introduced as a learning means with easy access and personalized, user friendly
features. Hence, it is the role of system designers to achieve the objective of developing accessible m-learning
tools in order to render it appealing to students. Furthermore, there are major effects of the TAM main constructs,
particularly in their perceived usefulness, perceived ease of use. To this end, there is no doubt that establishing a
more useful and fluid learning management system could heighten students' participation.
8. Conclusion
M-learning services are an interesting mode of learning. Additionally, in the setting of higher education, these have
become the new crucial platform. To this end, the current research probes into the prerequisites of m-learning
services’ adoption in the context of higher education setting. The findings obtained demonstrate that both of the
environment and the infrastructure that are available at the higher education institutions are suitable for the
diffusion of m-learning. Aside from that, the study offers the foundation of knowledge with respect to the current
situation of students’ awareness with regard to the services of m-learning. Additionally, the study discovered that
students do indeed possess sufficient knowledge as well as awareness with respect to such technology adoption in
their learning setting. Nonetheless, there are also barriers and obstacles that could impede the actual use of mlearning. Therefore, these should not be taken for granted. However, as found by this research, students were well
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aware of the limitations of m-learning in the context of education.
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